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Abstract 

This thesis explores the UK’s media environment and aims to decide whether the media 

show bipolar trends in reporting about immigration during the infamous EU immigration 

crisis. It utilizes the Natural Language Processing AI to assess a dataset of five major 

publishers in the UK – The Sun, The Daily Mail, The Guardian, The Independent and 

The Daily Telegraph – through the years 2015, 2016 and 2017. The focus of the analysis 

are the dynamics of the media space in general as well as specifics of reporting of separate 

publishers. The applied method is a novelty to quantitative assessment of qualitative 

aspects of given texts and the thesis serves as an example of successful utilization of such 

approach. In comparison to the previous researches conducted on similar topics, the main 

benefits of utilization of the AI includes the ability to assess huge datasets, assured 

consistency and huge innovative potential.  Being able to analyze a dataset of 1813 

articles quantitatively, the method is as important as the study itself.     
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Introduction 

“We seldom think about it, but we spend our lives immersed in narratives. Every day, we 

swim in a sea of stories and tales that we hear or read or listen to or see (or some 

combination of all these) from our earliest days to our deaths.”1 

During 2015 and 2016 more than 2.3 million illegal crossings to European Union were 

detected. In 2017 the total number of illegal border crossings into EU dropped to 204 

700,2 and in 2018 the figure reached its five years minimum, 150 114.3 

This ongoing process of immigration had an immense impact on the societies in several 

EU countries – it has influenced political agenda setting and became a widely discussed 

topic even in countries that were not affected by the immigration directly. Suddenly, it 

has become a matter of security and numerous political parties and individuals had based 

their rhetoric on the topic of immigration. This debate and its results – be it the alleged 

rise of political populism in European countries or the UK’s decision to have the vote 

about leaving the European Union – has formulated once again a critical question 

regarding the media and its political impact on societies. Particularly, media has taken the 

blame for the bipolarity of opinions among the societies regarding the question of 

immigration.  

One of the main reasons for unwillingness of the European leaders to take any steps 

connected to European immigration is the anxiety of the public towards the topic. This 

may be due to the rise in number of immigrants and more importantly their visibility. 

However, this factor alone would not lead to negative attitudes by itself. Some bias 

towards the refugees must exist to support the negative views applied by the community. 

One finger points in the direction of economic situation, other finger points at media. 4 

Allegedly, the polarized reporting, either welcoming or damning the refugees, scaled the 

reality and did a poor job in representing it to the public. Public and politicians should be 

well informed about the immigration itself, EU processes to handle the influx, legislation 

 
1 BERGER, A. A. (1997). Narratives in popular culture, media, and everyday life Thousand Oaks, CA: 

SAGE Publications, Inc. doi: 10.4135/9781452243344 
2 EU migrant crisis: Facts and figures | News | European Parliament. (2017, June 30). Retrieved from 

http://www.europarl.europa.eu/news/en/headlines/society/20170629STO78630/eu-migrant-crisis-facts-

and-figures  
3 Frontex Risk Analysis Unit (2019) Risk Analysis for 2019, Frontex. 
4 BERRY, Mike, GARCIA-BLANCO, Inaki and MOORE, Kerry. (2016) Press coverage of the refugee 

and migrant crisis in the EU: a content analysis of five European countries. Geneva: United Nations 

High Commissioner for Refugees. Available at: http://www.unhcr.org/56bb369c9.html  

http://www.europarl.europa.eu/news/en/headlines/society/20170629STO78630/eu-migrant-crisis-facts-and-figures
http://www.europarl.europa.eu/news/en/headlines/society/20170629STO78630/eu-migrant-crisis-facts-and-figures
http://www.unhcr.org/56bb369c9.html
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of the EU and all other aspects surrounding the topic – that can be only achieved by 

responsible reporting.5 

Media possess quasi-monopoly on the interpretation and articulation of symbolic power.6 

They thus play a key driving role in the forging of public opinion on most public issues, 

including those regarding immigration and associated with ethnic minorities. Media 

provide frameworks of explanation and furnish codes to label and classify. The media are 

therefore privileged sites to produce differences in the public discourse and for the 

provision of moral judgements related to several publicly relevant issues. Although these 

claims have few, if any, opponents they are unfortunately only rarely corroborated by 

research on the effects of media presentations on immigration and ethnic minority.7 

The topic of immigration has been used for securitization purpose and was trans mutated 

to support political goals – interestingly these mutations were used to support antagonistic 

political ambitions. Dependent of how the topic was painted in connection to the security 

and economy, it was used both as scare tactic and value-oriented appeal.   

We are witnesses to accusations towards the media assuming the media’s role in the 

process of polarization as catalyst responsible for these negative biases towards refugees.8 

This claim is unproven. 

It is the goal of this thesis to challenge the hypothesis of the role of the media in the 

reality-bending and securitization process of portraying the EU immigration.  

By using Artificial Intelligence to determine the sentiment of articles mentioning the 

keyword EU Immigration in selected UK media outlets (namely The Independent, The 

Daily Mail, The Daily Telegraph, The Guardian and The Sun) during the years 2015 (the 

start of the “crisis”), 2016 (the year of Brexit vote) and 2017 (decline of immigration) the 

aim of this thesis is to answer the following research question:  

 
5 SZCZEPANIK, M. (2016) The ‘Good’ and ‘Bad’ Refugees? Imagined Refugeehood(s) in the Media 

Coverage of the Migration Crisis. Journal of Identity and Migration Studies 
6 THOMPSON, J. B. (1995) The media and modernity. A social theory of the media. Stanford: Stanford 

University Press. 
7 POGLIANO, Andrea, Ferruccio PASTORE a Irene PONZO. (2015) News Media and Immigration in 

the EU: Where and How the Local Dimension Matters. Inter-group Relations and Migrant Integration in 

European Cities: Changing Neighbourhoods   
8 KLINGEREN V. M., BOOMGAARDEN H. G., VREESE C. H., (2017) Will Conflict Tear Us Apart? 

The Effects of Conflict and Valenced Media Messages on Polarizing Attitudes toward EU Immigration 

and Border Control, Public Opinion Quarterly  
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• Does the UK media show polarizing trend toward the topic of EU 

Immigration? 

And following sub-questions:  

• How does each of the selected media outlets compare to each other? 

• If the bipolarizing trend is present, how does it scale in time?   

• Is there a noticeable and severe dissonancy between the sentiment of articles and 

sentiment of their headlines? 

Regarding the use of NLP for analysis of trends in news articles and the applicability of 

the methods:  

• Can NLP be used as source of reliable results when applied on texts longer than 

social media posts?  

• Is the method applicable to enable quantitative assessment of qualitative 

characteristics of given texts? 

The correlation between the testaments of the researched media outlets and the biases 

among the population is not direct. Yet, if the research confirms similar biases in the 

media, further research will be allowed. If no trend is discovered, the role of the media 

regarding the question of European immigration will be ruled as over empathized.    

The scope of my work is focused on the analysis of media coverage regarding the EU 

immigration in Great Britain. Surely, it would be better to assess the situation and to 

implement the same methodology in various European countries with their respective 

societal and cultural differences to provide a more applicable and representative answer, 

but the goal of this thesis is to set this ambition and to work as a base to this potential 

further research. 
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1. Theoretical background 

To better evaluate the results of the analysis and to be able to formulate statements in a 

proper context, theoretical background about the usage and power of media is provided 

in this chapter. 

1.1. The Media 

This thesis and research rely on media and its power to shift perspective and mold 

opinions. It is crucial to explore the undeniable connection between the media; their 

supposed role and the impact it has on the day-to-day lives of the society it refers about 

and to.  

The relationship between the society and the media is a complex one. It is important to 

view and to try to understand this relationship from more angles because the purpose of 

media can shift with the topic it is referring to and informing about.  

There are many theories and takes on how the media portrays issues with different goals 

and objectives.  

In Manufacturing Consent, Noam Chomsky and Edward Herman explore the relationship 

between the media, society, culture and power structures. Their take on the role of media 

in the society is rather pessimistic. The propaganda model they introduced lists filters 

through which the information meant for the public is delivered – ownership, advertising, 

news makers and news shapers. According to Chomsky, media are to some extent used 

by corporations and power elites with specific self-interests. Dissentient opinions and 

views are disregarded and shown little to none appreciation. This process of deliberate 

filtering of media information suits the purpose to divert the important issues from the 

spotlight and narrow the focus of public to what elites desire. “Media defends the 

economic, social, and political agendas of the privileged groups that dominate domestic 

society, the state, and the global order.”9  

Similar idea to this concept is the Theory of Agenda introduced by Maxwell McCombs 

and Donald Shaw in 1972 (although the study is dated it maintains its relevancy even to 

 
9 HERMAN S. Edward and CHOMSKY Noam, (2010) Manufacturing Consent: The Political Economy 

of the Mass Media, Random House. 
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this day). According to them, “in choosing and displaying news, editors, newsroom staff, 

and broadcasters play an important part in shaping political reality”.10 

The media possess the power and means to bend the reality because of their mandate to 

report on both the basic and crucial issues to the public. The agenda setting theory states 

that the assumption that media always refer about what is true is false. The media shape 

reality both voluntarily and accidentally. “The mass media set the agenda for each 

political campaign, influencing the salience of attitudes toward the political issues”.11 

1.1.1. Mass Media 

The most relevant sources of information for this research is in a specific type of media 

that is distinguished by its ability to target a wide audience at one moment – the Mass 

Media. This specific attribute of mass influence is connected to numerous problems that 

may result in the supposed bipolarizing phenomenon. 

The defining attributes of Mass Media are: 

• Owing to technological, organizational and distributional modern capabilities, the 

media are (potentially) available to un-restricted and un-limited amount of end 

recipients or users and are actively used by a significant portion of these potential 

recipients or users 

• The mass media offer these recipients or users content that is, for extensive 

possible reasons such as education, world-view molding, behavioral manuals or 

simple fun, useful and applicable. 

• This content is made available and offered continuously or regularly. 

• The existence of this form of communication is conditioned by the interest and 

needs of the recipients and users (because of economic, cultural, social or political 

reasons).12     

The times we live in, in comparison to the historical order, have assigned a much more 

commercial and post-factual role to the media. Media next to their responsibility to report 

also need to take in consideration their circulations, views, clicks, reactions, comments 

 
10 MCCOMBS E. Maxwell and SHAW L. Donald. (1972) "The Agenda-Setting Function of Mass 

Media", Public Opinion Quarterly 36, no. 2, 176-187. 
11 Ibid. 
12 JIRÁK, Jan a Barbara KÖPPLOVÁ. (2015) Masová média. 2., přepracované vydání. (Czech language) 
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etc. The media beg for attention. Attention is the surviving ingredient for modern mass 

media, without it, they become obsolete.  

Therefore, the output of today’s media mimics steps that lead to a rise in these 

interactions. The main goal of media has shifted from informing to having a highest value 

on the market. Indicating the biggest possible numbers in any area, be it the number of 

subscribers, number of total circulations or simply – profit. This has changed the media. 

Media are no longer assessed by their relevancy. They are assed based on numerical 

values. Thus, present day media tend to offer us extreme versions of reality, the version 

of reality we are expected to be interested to read about.  

The pressure of time and relevance does not allow for a lengthy (yet responsible) 

confirmation process of gathered facts. It does not give the publishers the option to wait 

and share the information only once it was confirmed by numerous sources. The 

recipients demand the information fast and brief, with the spread of online coverage and 

social sites the information flow must be almost instant. Commercial interest takes over 

the responsible reporting practice.  

Karl Eric Rosengren explains what is so unique about the role of today’s media in the 

process of socialization and why is it considered such an important socializing factor 

nowadays: 

• They are present and available for numerous hours every day in the year in almost 

all the households in the society. 

• They offer almost unlimited stream of information and fun.  

• They establish political, economic and cultural agendas.  

• They offer formal and education focused socialization.  

• They aid the conservation of existing power structures and, at the same time, they 

prepare the ground for all vital processes to the modern and postmodern industrial 

societies and, in general, processes important for all postmodern societies.13   

Mass media have the power to influence our opinions, decision making and general 

attitudes in societies. Their goal when informing the general public should be 

 
13 ROSENGREN, Karl Erik. (2014) Media Effects and Beyond: Culture, Socialization and Lifestyles, 

Communication and Society, Routledge  
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professionalism and objectivity rather than attractivity and viewership – but the latter is 

the case.  

1.1.2. Narrative of printed and online Mass Media 

Narratives shape the reality around us to what the narrative actors may want us to believe 

or they believe is true. It is impossible to emit information without representing some 

form of narrative.14 This phenomenon is closely connected to the agenda of International 

Relations and of Securitization.  

Firstly, the media in connection to the narratives are often recognized very broadly – to 

include all types of media such as films, webpages, banners, theatre, computer games and 

other.15 I focus on the printed and online news media, not to omit the importance of the 

rest of the selection, but to prioritize the media I assess in my analysis. Although the 

mentioned principles may apply onto the rest of the media listed in this paragraph, the 

following lines concern the printed news media (and their online counterparts) mainly.  

Stephen Jay Gould has stated: “The most erroneous stories are those we think we know 

best – and therefore never scrutinize or question.”16 Arguably, mass media have huge 

impact on what these “well known” stories would be. 

The new media environment has shifted how narratives can be created and contested and 

how different actors, groups or individuals, can claim to be purposeful entities on the 

world stage today.17 Mainly with the introduction of social sites and internet in general, 

the range of actors that can influence the narration about any topics has widened 

considerably. But still, the news media remain in the position of the most respected actor. 

The publication Narrative and Media offers an excellent point in the critique of 

conventional division between “information” and “narrative” models of printed news 

(which implies there is an informative way of news reporting) proposing for this division 

to be collapsed and restated as a generic distinction between (non-narrative) 

 
14 HUISMAN, R., MURPHET, J., & DUNN, A. (2005) Narrative and Media. Cambridge University 

Press.  
15 RYAN Marie-Laure. (2014) Storyworlds Across Media: Toward a Media-conscious Narratology. 

University of Nebraska Press 
16 GOULD JAY, Stephen. (2011) Full House: The Spread of Excellence from Plato to 

Darwin. Harvard University Press 
17 MISKIMMON, Alister. (2013) Strategic Narratives: Communication Power and the New World Order, 

Taylor & Francis Group 
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“information” and (narrative) “news”.18 Implying news always incorporate some sort of 

narrative and cannot be absent of it.  

Followingly, an outline of the most significant professional practices in terms of 

producing and defining printed news is provided. It is especially important to understand 

the process of how the news are created and validated to see how wide the window for 

incorporation of narratives is. The practices include:  

• Use of sources 

• Application of news values 

• Gatekeeping 

• Agenda-setting 

• Economic determinants19 

Obviously, all these steps involve a practice that shapes the narrative. The story starts by 

being interpreted by the source, the values of the publisher and reporter are mixed in, the 

editors responsible for selecting articles to be published wield the power to pick what the 

public will read and the economic determinants decide which stories are economically 

worthy of publishing. In the end, the narrative news available in media may differ 

substantially from the original information.      

 
18 HUISMAN, R., MURPHET, J., & DUNN, A. (2005) Narrative and Media. Cambridge University 

Press. 
19 Ibid. 
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2. Review of previous researches 

Many researchers have chosen the relationship between media and European immigration 

as focus of their papers.20 21 22 23 24 25 26 The main difference in their efforts are the methods 

used and the scope of the research. Some have favored quantitative approaches where 

others focused on the qualitative aspects of the media or qualitative analysis of previous 

researches.  

The previously conducted researches contain interesting information on the way UK 

media report in general and how they describe the reality in connection to the topic of 

immigration. Interestingly, many of these papers focus on the specific period prior to the 

Brexit vote that has taken place on June 2016 – and drawing conclusions on how the 

media have impacted the results of the vote. 

I summarize these aspects of their efforts: 

• The methodology applied  

• The results of the research 

The most thorough study has been published by Mike Berry and collective and focuses 

on the press coverage regarding immigration topics across five European countries.27 I 

summarize the research in the following paragraphs: 

The 276 pages long publication investigates the media in United Kingdom, Germany, 

Spain, Italy and Sweden. It selected roughly 300 articles to represent each country for 

 
20 GUERRA, Simona. (2019) "Immigration, that's what everyone's thinking about ...": The 2016 British 

EU referendum seen in the eyes of the beholder. Journal of Language. 
21 WALTER, Stefanie. (2019) Better off without You? How the British Media Portrayed EU Citizens in 

Brexit News. International Journal of Press-Politics.  
22 BALCH, Alex a Ekaterina BALABANOVA. (2017) A Deadly Cocktail? The Fusion of Europe and 

Immigration in the UK Press. Critical Discourse Studies. 
23 AFTAB, Syeda Anum. (2018) Brexit Referendum and Media Coverage: an Appraisal. Journal of 
European Studies. 
24 ASKOUL, Sawsan. (2018) EU immigration in the British press: How was immigration reported 

immediately prior to the EU referendum? TLC Journal. 
25 BERRY, Mike, GARCIA-BLANCO, Inaki and MOORE, Kerry. (2016) Press coverage of the refugee 

and migrant crisis in the EU: a content analysis of five European countries. Geneva: United Nations 

High Commissioner for Refugees. Available at: http://www.unhcr.org/56bb369c9.html 
26 KLINGEREN V. M., BOOMGAARDEN H. G., VREESE C. H., (2017) Will Conflict Tear Us Apart? 

The Effects of Conflict and Valenced Media Messages on Polarizing Attitudes toward EU Immigration 

and Border Control, Public Opinion Quarterly 
27 BERRY, Mike, GARCIA-BLANCO, Inaki and MOORE, Kerry. (2016) Press coverage of the refugee 

and migrant crisis in the EU: a content analysis of five European countries. Geneva: United Nations 

High Commissioner for Refugees. Available at: http://www.unhcr.org/56bb369c9.html 

http://www.unhcr.org/56bb369c9.html
http://www.unhcr.org/56bb369c9.html
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periods of 2014 and 2015, the articles were selected with the intent to involve all relevant 

publications and were manually checked to eliminate false positives. The criteria were: 

• To involve all stories about any Middle Eastern or African migrants, refugees, 

immigrants, or asylum seekers arriving, travelling or living within the EU. 

• All stories about immigration and asylum policy 

The search query used to gather relevant datasets was: 

migrant! OR asylum! OR emigrant! OR immigrant! OR refugee! AND ship! OR boat! OR 

vessel! OR syria! OR iraq! OR Palestine! OR Africa  

Still, the number of articles that made it to the final dataset is surprisingly small – 1500 

articles in total. Also, the original intent is not supported by the final search query which 

selectively nominated certain keywords as contextual and inclusive of searched 

parameters, but the analogy between these keywords and their relevancy is missing. 

Also, interestingly, the research is designed to compare the general attitudes and 

narratives present in the media with attitudes tied with the period after the infamous 

refugee boat disaster in Mediterranean on 18 April 2015 to illustrate the impact such 

events may have on media. The United Kingdom was selected for the analysis because of 

its major voice within the EU on the subject of immigration and asylum policies. Key 

areas of analysis have included patterns of sourcing, prevalence of political parties, the 

language used to describe refugees/migrants and the range of explanations and solutions 

to the crisis.   

The limited dataset of 300 articles per country shows that the method may have been too 

selective and may be lacking objectivity. Also, for such a deep analysis, the dataset is too 

small, and the comparative approach implemented may not be representative of the real 

dynamics present in the media environment.  

The results of the analysis tell the following about UK media:  

• The press coverage in UK is bipolar and was represented by outliers on both sides 

of the spectrum. This is specific to UK as other selected countries did not show 

such polarized patterns.  

• The tabloid media (The Sun and Daily Mail) have showed specific hostile trends 

in their reporting. The Sun was shaped by the vox populi it vocalized in their 

articles which was mostly a hostile stance toward the issues of immigration. 
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• The shift in reporting connected to the events of the sunk refugee ship is noticeable 

but not drastic. The media adopted more relaxed and constructive approach to the 

crisis in this period, but the division and polarity of the media remained.28 

An interesting research design is applied in the study “Will conflict tear us apart?”29. The 

scope of the research included 200 000 Dutch respondents who were questioned about 

their opinions on immigration beforehand to measure the change in their attitudes after 

exposure to fictional news articles representing different narratives on the matter. The 

study does not concern UK media space, but its ambition is directly connected to the 

research question of my paper. The results indicate that conflict reinforces and thus 

polarizes policy attitudes, whereas a message’s valence can change people’s attitudes, 

which reduces the attitudinal gap. The media have thus power to shift opinions of readers 

or to reinforce them.30  

Another interesting conclusion about the relationship between immigration and media is 

offered by Stefanie Walter, who performed an automated content analysis on selection of 

19 367 UK news stories published by 320 newspapers through 1st June 2015 – 23rd June 

2016.31 The diversity of researched newspapers which included a big number of regional 

press is the main benefit of the conducted study. The aim of the research was to identify 

patterns regarding mentions of EU citizens in the press. Methodologically, this was 

achieved by sorting the articles based on the fact of mentioning the EU or one of the EU 

member states in connection with following terms: citizen, citizens, resident, people, 

voter, migrant, immigrant, foreigner, nationals, family, families, worker, employee, 

woman, women, man, men, wife, wives, husband, spouse. Similarly, to my objection to 

the methodology of the Berry’s research32, the results of this study are heavily shaped by 

this methodological limitation as well. Also, if the automated content analysis is based 

 
28 BERRY, Mike, GARCIA-BLANCO, Inaki and MOORE, Kerry. (2016) Press coverage of the refugee 

and migrant crisis in the EU: a content analysis of five European countries. Geneva: United Nations 
High Commissioner for Refugees. Available at: http://www.unhcr.org/56bb369c9.html 
29 KLINGEREN V. M., BOOMGAARDEN H. G., VREESE C. H., (2017) Will Conflict Tear Us Apart? 

The Effects of Conflict and Valenced Media Messages on Polarizing Attitudes toward EU Immigration 

and Border Control, Public Opinion Quarterly 
30 KLINGEREN V. M., BOOMGAARDEN H. G., VREESE C. H., (2017) Will Conflict Tear Us Apart? 

The Effects of Conflict and Valenced Media Messages on Polarizing Attitudes toward EU Immigration 

and Border Control, Public Opinion Quarterly 
31 WALTER, Stefanie. (2019) Better off without You? How the British Media Portrayed EU Citizens in 

Brexit News. International Journal of Press-Politics. 
32 BERRY, Mike, GARCIA-BLANCO, Inaki and MOORE, Kerry. (2016) Press coverage of the refugee 

and migrant crisis in the EU: a content analysis of five European countries. Geneva: United Nations 

High Commissioner for Refugees. Available at: http://www.unhcr.org/56bb369c9.html 

http://www.unhcr.org/56bb369c9.html
http://www.unhcr.org/56bb369c9.html
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only on the key-word categorization, it omits the context of such occurrences by default 

and does not do justice to its ambition. Yet, an interesting pattern was identified. The 

expected difference in reporting about the EU citizens between tabloid and broadsheet 

media was non-existential, but the main difference was discovered between national and 

regional level of reporting – in reginal news, the EU citizens were more often mentioned 

with negative sentiment and comments.33 

The last reviewed study concerning the general trends in UK media reporting was 

designed to compare the narration regarding free movement (and hence immigration) 

during the years 2006 (no disturbances) and 2013 (the topic of immigration on the rise).34 

The dataset contained 109 articles representing the year 2006 and 447 articles for 2013. 

This obvious difference in the number of articles can be explained by the rising 

importance of the free movement topic in the UK media debate in 2013. The result 

illustrates the narrational shift from positive attitude with emphasis on market building 

capabilities of European Union to negative diction regarding political pressure on the UK 

and fear of the growing power of the EU. The research confirms that the immigration 

dynamics since 2013 had impacted and had been impacted by the media coverage and 

there is a clear relationship between the media narration and the immigration debate.  

Brexit was one of the most followed topics in the UK media and it is no surprise that 

many researchers have focused on the correlation between media and Brexit voting. 

Where some went as far as to mark media the main deciding factor in how the people 

voted35, others found no trends at all36.  

Sawsan Askoul has performed a corpus linguistic and discourse analysis on the selected 

articles from The Daily Mail, The Guardian and BBC in the period of 16th – 22nd June 

only to conclude that the dataset is too small to provide coherent ideas about media trends. 

The main limitations of his study are the search query which was designed to include only 

articles with the key word of EU immigration in the headline. Of course, this led to 

omittance of articles that concern immigration but do not include such clue in the 

 
33 WALTER, Stefanie. (2019) Better off without You? How the British Media Portrayed EU Citizens in 

Brexit News. International Journal of Press-Politics. 
34 BALCH, Alex a Ekaterina BALABANOVA. (2017) A Deadly Cocktail? The Fusion of Europe and 

Immigration in the UK Press. Critical Discourse Studies. 
35 AFTAB, Syeda Anum. (2018) Brexit Referendum and Media Coverage: an Appraisal. Journal of 

European Studies.  
36 ASKOUL, Sawsan. (2018) EU immigration in the British press: How was immigration reported 

immediately prior to the EU referendum? TLC Journal.  
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headline. Also, the Corpus Linguistic method may not be as the best choice for this type 

of research. The number of occurrences of phrases and keywords in given texts showed 

that there are no repetitive linguistic patterns and, secondly, interpreting such occurrences 

would be very subjective as barebone stylistics tell only little about the context of the 

texts. Also, this method would be only beneficial for huge datasets which may form data 

clusters – and this was not the case. The only coherent conclusion labeled Daily Mail as 

extremely anti-immigrant and explained the repetition tactics it utilizes to strengthen this 

claim.37  

Similarly, Simona Guerra analyses the media narratives of The Guardian, The Daily 

Telegraph and The Daily Express during the week before Brexit. Firstly, the selection of 

media does not represent the UK media environment well enough because it only includes 

two broadsheet and one tabloid publisher. Secondly, it works with other studies and data 

to combine the outputs obtained to describe the discourse adopted and focuses mainly on 

the citizen voices in the media. The conclusion is that media are rather skeptical regarding 

the topic of Brexit (favoring leave attitudes) due to its tendency to reflect the attitudes of 

“the man on the street” and resolve to adapt to it. It is a fair illustration how the readers 

as target group are responsible for the media content and are influential actors based on 

their attitudes and expectations laid on the media.38        

Syeda Aftab goes the furthest with the interpretation of his research and concludes that 

even though the printed media are waning in power in comparison with the new-age social 

media, most of the issues, slogans and narratives as regards to the referendum were 

actually decided and shaped by the print media. The study analyses the significance and 

influence that media coverage exerted during the Brexit vote. It applies the content 

analysis method under the domain of agenda setting theory and leverages previous 

researches and data provided by them.39 The UK media as such are not the main focus of 

the study. It compares The Sun (Local), The Economist (National) and The New York 

Times (International) to determine the differences of reporting on the issue of Brexit in 

different levels of publicity.  

 
37 Ibid. 
38 GUERRA, Simona. (2019) "Immigration, that's what everyone's thinking about ...": The 2016 British 

EU referendum seen in the eyes of the beholder. Journal of Language.  
39 AFTAB, Syeda Anum. (2018) Brexit Referendum and Media Coverage: an Appraisal. Journal of 

European Studies. 
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The interpretation of the results seems very categoric and paints the picture of media 

being the main decisive power in the case of Brexit vote:  

• “The case of EU referendum is an example of CNN effect phenomenon. 

Immense public and media pressure forced the government to hold a referendum 

and stick to its result.” 

• “The ownership of media house determined the tone and stance of the Sun… 

Apparently ideological fear dictated reporting of all three newspapers where 

each feared the triumph of other.” 

• “Under immense media maneuvering the decision making on the sensitive issue 

of EU membership was flawed. A referendum might be a democratic exercise 

but a major decision like Brexit should not just rely on sensationalism. The 

decision to leave or stay should have been guided by a detailed policy analysis, 

economic evaluation and negotiation. The parliament should have been the 

platform for such a step, not media houses.”40 

For such a limited dataset, these conclusions drawn for the whole media environment do 

not seem plausible. But the mentioned effects the media may have on the agenda setting 

would be worth investigating further.  

To provide a new compilation of relevant quantitative data, the referenced work was used 

as a base for the research design of this thesis. None of these studies have used the now 

available neural networks to assist in their research, research design of this thesis allows 

to survey a huge amount of data and does not rely only on quantitative metrics of words 

used, it tries to work with the opinions included in the respective selection of texts – an 

attempt to resolve my repeated objection about disconnection of key-words and their 

meanings. Also, to include as much articles as possible, the only limitation to the dataset  

gathering for this research was the pre-selection of publishers designed to assess and the 

phrase of “EU immigration” – and all articles that contained this phrase in headline or 

body of the text for the years of 2015, 2016 and 2017 were included. This rather unusual 

combination of quantitative approaches used to collect qualitative information is the 

novelty of my research and its main benefit. 

  

 
40 GUERRA, Simona. (2019) "Immigration, that's what everyone's thinking about ...": The 2016 British 

EU referendum seen in the eyes of the beholder. Journal of Language. 
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3. Methodology and Research Design 

Having decided to use the benefit of technological advancement and choosing to leverage 

the neural network AI’s ability to measure the range of sentiment, a following challenge 

has arisen:  

Which NLP AI to use?  

The best option would be to train a new natural language processing (NLP) neural 

network specifically focused on media outlets using news articles and mainly their 

headlines as reference material. This approach would mitigate the difference between the 

language commonly used and language used by media and reporters as there may be a 

difference – but this would require an intense work of many individuals who would 

provide their take on the sentiments of articles and separate sentences in them. To gather 

a team of this extent would take a considerable amount of time and resources and is not 

a viable option at the moment.  

Another option, more feasible one, is to pick one of the existing NLP neural networks and 

to use it on the new dataset. The main benefit of this approach is that the neural network 

is already trained, and its opinion is based on its time being in circulation, the sense of 

“what is good and what is bad” comes from gigantic reference set. The second, not lesser, 

benefit is the credibility – being used by extensive number of users, these NLP neural 

networks are tested and used in practice rendering them more credible.  

For these reasons the Google AI41 was chosen. 

In any case, Natural Language Processing neural networks does not represent the human 

decision making in full. It is important to remember that the results of the analysis are 

based on the non-transparent output of an artificial intelligence that is far from perfect. 

But, to my belief, it is an interesting way to discover possible trends in big data sets.  

3.1. Sentiment Analysis 

We live in a world full of advancements. We have a unique opportunity to analyze and 

evaluate enormous loads of data using the modern-day technologies.42 This opened the 

 
41 Google AI. Retrieved December 6, 2019, from https://ai.google/ [Accessed 22 January 2020] 
42 Big data : Principles and paradigms. (2016). Elsevier. Retrieved from 

http://search.ebscohost.com/login.aspx?direct=true&AuthType=ip,shib&db=cat04374a&AN=kup.002204

490&lang=cs&site=eds-live&scope=site [Accessed 22 January 2020] 

https://ai.google/
http://search.ebscohost.com/login.aspx?direct=true&AuthType=ip,shib&db=cat04374a&AN=kup.002204490&lang=cs&site=eds-live&scope=site
http://search.ebscohost.com/login.aspx?direct=true&AuthType=ip,shib&db=cat04374a&AN=kup.002204490&lang=cs&site=eds-live&scope=site
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way for interesting quantitative research and provided us with more objective results 

regarding various phenomena.  

These analytical tools are being used to read through, gather, classify and organize data 

in very short periods of time compared to the same task being done by humans. 

Computers, however, were not usually able to decide themselves and have opinions and 

such actions were therefore reserved for human researchers. This changed with the 

introduction of Artificial Neural Networks.  

By being goal oriented, these networks can learn complex patterns and perform tasks that 

the “good-old fashioned AI” never could.43 One of these tasks is called the Sentiment 

Analysis (opinion mining, Emotional AI). And it is the method I will use to analyze my 

dataset.  

An inseparable portion of human research behavior has always been to find out other 

people’s opinions and views. With the rise of popularity of opinion-rich resources such 

as reviews and personalized blogs, new opportunities and challenges are at hand as 

researchers can now use modern-day technologies to evaluate the opinions of others 

quantitatively. The explosion of focus in the area of opinion mining and sentiment 

analysis (which focuses on computerized evaluation of sentiment and subjectivity in 

given text-sample) has thus occurred partially as a response to the interest in the new 

methods that deal with opinions as a first-class subject. 44   

Sentiment analysis is contextual mining of text which identifies and extracts subjective 

information in source material. It is commercially used to help business with their 

understanding of own brand, the opinion of customers and the narrative of datasets of 

reviews. But it can generally be used to determine sentiment of any given text including 

sentiment of newspaper articles, online media publishing and other forms of journalism 

pieces. 

3.1.1. Benefits of the NLP AI application  

The main benefits of implementation of Natural Language Processing AI are:  

 
43 MNIH, V., KAVUKCUOGLU, K., SILVER, D., GRAVES, A., ANTONOGLOU, I., WIERSTRA, D., 

& RIEDMILLER, M.A. (2013). Playing Atari with Deep Reinforcement Learning. ArXiv, 

abs/1312.5602. 
44 PANG B. and LEE L. (2008), "Opinion Mining and Sentiment Analysis", Foundations and Trends in 

Information Retrieval: Vol. 2: No. 1–2, pp 1-135. http://dx.doi.org/10.1561/1500000011 
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• The ability to gather contextual information contained in a big dataset in a 

relatively small amount of time – allowing for a much wider research of a trend. 

 

• Automatization of the process – the properly coded algorithm is delivering results 

by itself. It is even more important to focus on proper research design when 

implementing NLP, but the method is cost and energy saving in total.  

 

• The mitigation of biases in the case of the NLP analysis. The biases that may be 

present with human respondents are limited in the case of AI. There is chance that 

NLP would mimic some common biases present among the population it gathers 

from reference datasets, yet in most cases the sentiment is calculated based on 

wording and deep syntax rules of the specified language. The sentiment is not 

subtracted from contextual setting rather than from expressiveness of the text and 

vocabular baseline. The NLP does not possess the ability to create own 

“worldview” biases. But it may implement hard to discover methodological biases 

based on the reference datasets. Artificial Intelligence recognizes patterns and is 

profound in recreating such patterns to achieve desired goals. It is possible to think 

of a scenario where the systematic implementation of biases would lead to the 

achievement of predesigned goals, in such a case, the AI would be biased. It must 

be mentioned, however, that this would rather be a case when the goal given to 

AI is aligned with the intent for it to work with biases. Such as using NLP to 

generate fake news texts.   

 

• The consistency of approach to the dataset. With human respondents, many 

variables affect the final impression the text leaves on the reader and consistency 

of judgement cannot be achieved even with very narrowly specified instructions 

and pre-defined object of analysis. The impression would vary between the 

articles and with the change of topics as well. There is no way to assure fairness 

of approach for each of the article when working with human respondents. 

Phenomena such as mood, popularity of the topics, further knowledge in the 

analyzed topics and many more ultimately affect the results. The NLP allows for 

a consistent approach between the different portions of data in the dataset. The 

only factor that affects the decision making of the NLP is the content of the 
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articles. With every article, the initial setup of the NLP (comparable to mood, 

underlying intelligence etc.) is the same. It rates the articles based on the same 

algorithm and repetitive expressions in the texts score the same between the 

articles. This leads to consistency and fairness of the assessment. Sadly, the 

specific “decision tree” the final score is based on is nonreadable to humans. We 

do not know how the NLP concludes its results, but we know it does it the same 

way with all the articles. 

 

• The quantitative essence of the study. The approach allows for numerical 

representation of qualitative characteristic of analyzed data. And with cardinal 

data, exact numerical conclusion can be achieved. By converting the 

sentimentality of an article to scale between -1 to 1, the research allows for precise 

capturing of the polarity on such scale. Verbally, the difference between slightly 

negative and fully negative article is hard to grasp but with the numerical 

representation the difference between -0,8 and -0,2 in sentiment score gives as 

precise placement on the negativity scale. Thus, the conclusions of the analysis 

are better understandable to the audience. Similarly, the conclusions are numerical 

and specific and even though the interpretation is provided as part of the analysis, 

own interpretations are enabled by providing the underlaying data. This allows 

further research to be conducted and for revisionary research to be realized more 

easily.  

 

• Visualization of qualitative characteristics of researched phenomenon. The 

numerical representation of the qualitative characteristics allows for visualization 

of the results using graphs, charts and other visual forms of result representation. 

This contributes to the readability and understandability of gathered results and to 

comfort of the interested audience.   

 

• The innovative scope of the research. Every technology is getting better through 

the time. In the case of Natural Language Processing it can be expected to get 

more accurate and precise in the future. The AI needs huge datasets to be trained 

on and benefits from all further applications of the AI. Simply, by using and 

implementing the technology of NLP to this research it is being indirectly 

improved. Also, the implementation of the technologies leads to new forms of 



19 

 

their utilization and broadens the awareness around the technology. This research 

enables further applications of the technology in text-oriented researches.   

 

3.1.2. Drawbacks and limitations of the NLP AI 

      

Of course, challenges to this method are presents and cannot be erased completely. The 

most influential ones are: 

• The selection of the Media for the research. The main goal of this research is to 

question the claim of media having an impact on the bipolarization of the public 

– to include all possible media sources in the research would be desirable, yet 

very demanding for the data analysis itself. The bipolarizing trend should be 

observable in the selected dataset if existent.  

  

• The selection of the specific material to be subjected to the analysis. This is 

tackled by the intention to use an extensive dataset that includes all the published 

material for respective years thus rendering this claim obsolete. The selection is 

narrowed down only by selected media outlets and defined keyword EU 

immigration – and all the results will be included to the analysis. This extensive 

approach to the selection of articles may result in involvement of articles that 

does not deal with the topic of immigration directly. It may even occur that an 

article contains the phrase EU immigration only in one sentence and the rest of 

the text concerns different topics. These articles are left in the selection and are a 

minority.  

 

• The computer inability to assign the discovered opinions to the correct actors. For 

example, the article may contain quotations that are used to demonstrate 

polarized opinions of different person or of group of people than author himself. 

This error is hard to eliminate because a general rule to assign quotations to 

category of other actors automatically, may result in the error of exclusion of 

statements from the analysis.  
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• The non-transparency of how the AI operates and how it concludes its results. 

Surely, the “opinions” of AI should not be taken as identical to human opinions. 

To what extent are the results representative of human opinions remains a 

question. To illustrate the possible difference and its extent, a control human 

group testing is concluded as part of the research. 

  

• The limited original scale of texts that the sentiment analysis NLP is usually used 

to evaluate. Biggest part of the practical use cases of NLP are social media posts, 

short internet reviews or other text-limited statements. The attempt to use the 

NLP neural network to evaluate whole articles is unprecedented but theoretically 

viable. 

 

• The language of the reference dataset. Even though the NLP neural networks are 

trained in numerous languages, the most effort has been given to the English 

versions due to the suspected scope of applicability and because the data that are 

to be given to the AI are most easily found in English language.           

 

• The inability of the NLP to relate the sentiment to specified topics. The sentiment 

of the articles will be based on the syntax, phrasing, expressions and context in 

general. The NLP does not know and does not understand the objective of the 

research nor does it evaluate the phrasing in relations to specified areas of interest. 

Therefore, an article describing the refugees negatively can be considered 

positive by the NLP if the text discusses the benefits of closed borders. Vice 

versa, a text about a positive immigration case can be rendered negative if it 

describes the struggles of assimilation. Yet, I would consider this a fair approach 

rather than a flaw. I do not intent to decide if immigration is beneficial or not and 

even humans can consider articles dealing with negative phenomena positive 

based on the language used and the image the author is trying to depict. It is 

important to remember that AI does not divide the articles based on opinion on 

immigration, it divides them by the positive or negative sentiment present in the 

body of the text.  
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3.2. Selected Media 

The focus of the thesis are the media narratives in the UK. More reasons explain this 

decision. Firstly, due to the Sentiment Analysis AI being trained mostly and most widely 

on English text sources, United Kingdom being the only country of European Union with 

English as main language has been a major factor. But this alone would not satisfy the 

demand for a relevant pick. The other important factor (even more in connection to the 

securitization aspects of immigration crisis) is that UK was the most audible member of 

the EU regarding the need of change of the European Immigration policies.45 This has, in 

the end, resulted in the infamous Brexit vote, which only adds to the reasoning behind 

selecting the United Kingdom for the media research. 

In addition, the British press has not generally adopted an objective attitude, but by 

maintaining party allegiances, has also represented the different degrees of 

Euroscepticism across the political spectrum.46 A difference is expected between the 

broadsheet “serious” newspaper and tabloids. It is the ambition of this thesis to cover 

these different degrees in the selection of media for the research. The final selection 

includes:   

3.2.1. The Sun  

The Sun is a tabloid newspaper published in the United Kingdom and the Republic of 

Ireland. The Sun was the most widely read newspaper in Britain with 1.7 million 

circulations until the year 201847 when it was toppled by a competitor paper Metro.48 The 

Sun is owned by News Group Newspapers Ltd., which also publishes The Times and The 

Sunday Times. Regarding the immigration discussion, based on the profiling of the 

media, negative stances are expected to appear in the results in connection to The Sun 

articles as the paper has expressed euro sceptic stances in the past.  

 
45 BERRY, Mike, GARCIA-BLANCO, Inaki and MOORE, Kerry. (2016) Press coverage of the refugee 

and migrant crisis in the EU: a content analysis of five European countries. Geneva: United Nations 

High Commissioner for Refugees. Available at: http://www.unhcr.org/56bb369c9.html [Accessed 12 

December 2019] 
46 MCNAIR, Brian. (2007) An Introduction to Political Communication. London: Routledge, 4th ed. 
47 RIDLEY Louise, (2016) “Which Newspapers Support Brexit in the EU Referendum?”, The Huffington. 

[online]   Available at: https://www.huffingtonpost.co.uk/entry/which-newspapers-support-

brexit_uk_5768fad2e4b0a4f99adc6525 [Accessed 12 December 2019] 
48 "The Sun is toppled as Britain's biggest newspaper". (2018) The Economist. London. 22 March 2018 

[online] Available at: https://www.economist.com/britain/2018/03/22/the-sun-is-toppled-as-britains-

biggest-newspaper [Accessed 12 December 2019] 

http://www.unhcr.org/56bb369c9.html
https://www.huffingtonpost.co.uk/entry/which-newspapers-support-brexit_uk_5768fad2e4b0a4f99adc6525
https://www.huffingtonpost.co.uk/entry/which-newspapers-support-brexit_uk_5768fad2e4b0a4f99adc6525
https://www.economist.com/britain/2018/03/22/the-sun-is-toppled-as-britains-biggest-newspaper
https://www.economist.com/britain/2018/03/22/the-sun-is-toppled-as-britains-biggest-newspaper
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Rupert Murdoch, owner of News Group Newspapers, is a well-known media owner and 

euro sceptic persona. For many years he has been a vocal opponent of European 

integration. He is considered a politically influential actor because of his vast corporate 

power.49  

3.2.2. The Daily Mail 

Daily mail is a middle-market tabloid, meaning it tries both to entertain the readers and 

bear informative value at the same time. It has reached 1 134 184 average circulations in 

January 2020.50 Similarly to The Sun, the expectation of the Daily Mail is to be either 

negative regarding the topics of immigration or to switch opinions regularly in attempt 

to satisfy wide range of reader base. In the analysis, the Daily Mail represents a yellow 

journalism tabloid.  

3.2.3. The Daily Telegraph 

The Daily Telegraph is considered a broadsheet newspaper and is the bestselling 

“serious” news media in the country with 360,345 average circulations in January 

2019.51 (The Daily Telegraph has pulled out of the circulation survey for 2020)52 It 

holds international reputation for quality content and fair reporting.53 In the analysis, 

The Daily Telegraph represents a center right conservative credible broadsheet 

newspaper. 

 

 
49 BECKETT Andy, (2013) “Murdoch's Politics: How One Man's Thirst for Wealth and Power Shapes 

Our World by David McKnight – Review”, The Guardian 
50 MAYHEW, Freddy (2020) "National newspaper ABCs: Daily Mail closes circulation gap on Sun to 
5,500 copies". Press Gazette. April 2020. [online]  Available at: https://www.pressgazette.co.uk/national-

newspaper-abcs-daily-mail-closes-circulation-gap-on-sun-to-5500-copies/ [Accessed 12 December 2019] 
51 MAYHEW Freddy, (2019) "National newspaper ABCs: Mail titles see slower year-on-year circulation 

decline as bulk sales distortion ends", Press Gazette, February 2019, [online]  available at: 

https://www.pressgazette.co.uk/national-newspaper-abcs-mail-titles-see-year-on-year-circulation-lift-as-

bulk-sales-distortion-ends/ [Accessed 12 December 2019] 
52 TOBITT CH. (2020) Telegraph Pulls Out Of ABC Circulation Audit To Focus On Subscriber-First 

Strategy. Press Gazete [online] Available at: https://www.pressgazette.co.uk/telegraph-pulls-out-of-abc-

circulation-audit-to-focus-on-subscriber-first-strategy [Accessed 12 December 2019]. 
53 RAJAN, Amol. (2016) "What does the future hold for the Daily Telegraph?". BBC News. Archived 

from the original on 23 December 2016. [online]  Available at: https://www.bbc.com/news/entertainment-

arts-38390488 [Accessed 12 December 2019] 

https://www.pressgazette.co.uk/national-newspaper-abcs-daily-mail-closes-circulation-gap-on-sun-to-5500-copies/
https://www.pressgazette.co.uk/national-newspaper-abcs-daily-mail-closes-circulation-gap-on-sun-to-5500-copies/
https://www.pressgazette.co.uk/national-newspaper-abcs-mail-titles-see-year-on-year-circulation-lift-as-bulk-sales-distortion-ends/
https://www.pressgazette.co.uk/national-newspaper-abcs-mail-titles-see-year-on-year-circulation-lift-as-bulk-sales-distortion-ends/
https://www.bbc.com/news/entertainment-arts-38390488
https://www.bbc.com/news/entertainment-arts-38390488
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3.2.4. The Independent 

The Independent is a British online publisher of news. It had its printed version with rather 

small number of roughly 60 000 circulation in 2015.54 Since 2016, only the online version 

is available with daily reach of 2,210,000 for desktop and mobile app combined.55 With 

the analysis of The Independent, due to its shift from traditional printed form to the online 

version, some data on how this transition can affect the way of reporting can be obtained 

and assessed. The online form of the media hugely contributed to the high number of 

articles published with the key word of EU immigration and the high number of its articles 

in the dataset.   

3.2.5. The Guardian 

The Guardian represents the more positive attitude toward the immigration topics in the 

UK narrative debate. The guardian achieved 126 879 average circulations in January 

2020.56 Interestingly, it is a 10th year with decrease in circulations which is connected to 

the general decrease of interest in printed media globally.  The Guardian represents the 

center left credible broadsheet newspaper.  

 

The articles were obtained via the Nexis Lexis database and all articles containing the 

keyword “EU Immigration” published in 2015, 2016 or 2017 were included. The final 

dataset consists of 1813 articles with the following proportionality: 

The Sun: 216 articles 

The Daily Mail: 251 articles 

The Daily Telegraph: 235 articles 

The Guardian: 471 articles 

The Independent: 640 articles 

 
54 TURVILL, William. (2015) “National Newspaper ABCs, June 2015: Most Tabloids Suffer Double 

Digit Declines, Sun Reclaims Sunday Top-Spot.” Press Gazette, July 2015, available at:  

www.pressgazette.co.uk/national-newspaper-abcs-june-2015-most-tabloids-suffer-double-digit-declines-

sun-reclaims-sunday-top [Accessed 12 December 2019]. 
55 The Independent Online Audience, Mobile Visitors and Facts, available at: 

www.newsworks.org.uk/the-independent [Accessed 12 December 2019] 
56 MAYHEW, Freddy (2020) "National newspaper ABCs: Daily Mail closes circulation gap on Sun to 

5,500 copies". Press Gazette. April 2020. [online]  Available at: https://www.pressgazette.co.uk/national-

newspaper-abcs-daily-mail-closes-circulation-gap-on-sun-to-5500-copies/ [Accessed 12 December 2019] 

http://www.pressgazette.co.uk/national-newspaper-abcs-june-2015-most-tabloids-suffer-double-digit-declines-sun-reclaims-sunday-top
http://www.pressgazette.co.uk/national-newspaper-abcs-june-2015-most-tabloids-suffer-double-digit-declines-sun-reclaims-sunday-top
http://www.newsworks.org.uk/the-independent
https://www.pressgazette.co.uk/national-newspaper-abcs-daily-mail-closes-circulation-gap-on-sun-to-5500-copies/
https://www.pressgazette.co.uk/national-newspaper-abcs-daily-mail-closes-circulation-gap-on-sun-to-5500-copies/
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The Google AI, being normally used to assess short texts such as social media posts, lacks 

the ability to calculate sentiment of the long articles as whole – instead, it calculates an 

average of sentiment scores of all the lines the article consists of. Because articles usually 

contain huge amount of neutral expressions and informative sentences, these averages are 

pushed towards 0. This means at even minimal deviations from 0 are actually 

representative of big differences in the sentiment of the articles.   
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4. Representation of human opinion by the AI 

To illustrate the difference between the NLP AI and human decisions, a comparative pre-

test has been conducted. Firstly, all the available data were submitted to the neural 

network that has assigned each article respective value rendering the article’s sentiment 

either positive, neutral or negative. The same task was then asked of the human 

respondents to compare the results.  

4.1. Pre-testing phase  

Selection of 10 articles, two for each respective media outlet, one considered the most 

positive piece from the selection and one being considered the most negative, has been 

compiled. This selection is decided by the index of sentiment that the NLP has assigned 

through its analysis. The selection is as follows:  

The Sun 

• Ids blasts Dave “lies”:  -0.235294116 

• Tariffic; Post-Brexit Boost £40-a-week more per house Cheap goods and 

economy lift: 0.146875002 

The Independent 

• 40,000 lodge complaint with police accusing Farage and Leave EU campaign of 

inciting racial and religious hatred; Exclusive: Move comes in response to the 

campaign's 'Breaking Point' poster that depicted Syrian refugees crossing a border 

in central Europe: -0.22051282 

• Japan loosens permanent residency rules to keep highly skilled foreign workers 

and lure global talent; The new rules will become effective as of the end of March 

2017: 0.19428571 

The Guardian 

• Bumped off an easyJet flight - even though I had checked in on time; Overbooking 

by the budget airline wrecked one traveler’s holiday plans, with him complaining 

about 'appalling' treatment: -0.300000002 

• Who are 'experts' anyway? In the latest post in a series on experts, Reiner 

Grundmann argues that even in the world of Brexit and President Trump expertise 
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is alive and well. However, we must pay close attention to how it is used in 

politics: 0.178082192 

The Daily Telegraph 

• No commitment to cutting immigration; EU and migration: -0.274074075 

• Brexit would harm diversity that sets our professional services apart: 0.255555557 

The Daily Mail 

• Immigration will destroy EU values says its own report: -0.328571432 

• The Great Brexit Delusion: 0.12631579 

Portion of the articles does not deal with immigration in depth but does contain the 

keyword of EU immigration. 

The article Japan loosens permanent residency rules to keep highly skilled foreign 

workers and lure global talent; The new rules will become effective as of the end of March 

2017 also includes headlines of different articles in the plain text.  

This is due to the inability of the Nexis database to exclude these headlines form the actual 

body of the article. In an online environment, the articles are often enriched with 

hyperlinks and advertisements for different articles or sites and with the proper graphical 

layout the reader can differentiate between these and the body of the article. In some 

cases, these links and headlines are left in the plain text when the article is extracted to 

the database.  

These text portions that stand for a very small fragment of the content in the analysis are 

still part of it. The NLP consider them as paragraphs of the article itself and calculate with 

the verbal content when delivering the final sentiment score – although it alters the final 

mark only minimally. The goal was to include a sample of such article to the human 

readers as well – making the article harder to evaluate. 

The articles in the selection were anonymized (the publishing house and author were 

removed) to mitigate any bias the readers may implement in their decision making. The 

readers were provided with an instruction to evaluate these articles and render them either 

positive or negative. Of course, a question arises: shouldn’t the instruction be more 

specific to assure the readers are evaluating the same aspects of the article or are 

evaluating within proper context?  
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The AI does not consider the overlapping context during its analysis. It does, however, 

use a sophisticated deep neural network to “understand” the context of the article to some 

extent. It is impossible to convert this method to language understandable to human. The 

AI has some system established by which it evaluates the articles, but this system is 

unreadable to humans.  

Thus, the best approach to mimicking the conditions of the AI is to provide the content 

to humans the same way it is provided to the NLP – as raw text without further instruction. 

It is up to the reader to go through the article and to identify the parameters that, according 

to his best judgement, affects the final polarity of the article the most. The drawback is 

that there can be difference in the parameters identified by each of the reader. Yet, this 

emulates the conditions of the NLP most accurately.  

One rule was added. The final sentiment of the article calculated by the NLP is an average 

of the sentiment scores of each line of the article. The chance for the average to be precise 

0 (true neutral) is minimal. Additionally, there is not enough data for the limitation of a 

category for neutral sentiment. Some of the articles are closer to 0 than others but there is 

not a clear division since which value should the article be considered polarized as 

opposed to being neutral. It constitutes no problem when working with the NLP because 

the sentiment score itself tells us the proximity towards 0 and can be compared with the 

sentiment scores of other articles to see each article’s polarity based on the data to have 

an idea on how neutral the article is in comparison with other articles in the dataset. But 

the human readers (provided only with the most polarized outliers in the selection of the 

articles to evaluate) were expected to divide the articles binarily – as either positive or 

negative. Considering a scale of polarity (ranging from 0 – 10 where 5 would be true 

neutral) too broad and having no way to ensure objectivity in application of the scale, I 

rather provided the readers with an option to mark the article in question as NEUTRAL. 

The readers are still obliged to choose the polarity (which polarity corresponds to the 

article better in addition to being neutral), but this approach ensured that the readers could 

reflect neutral opinion in their analysis.  

To summarize, the human readers were deciding binarily if an article is positive or 

negative in all cases and for the cases they considered neutral, they added this information 

as well. 

The pre-test was aiming at testing the following hypotheses: 
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• The AI does mimic the opinions of the human readers, its polarity deciding 

algorithm is aligned with the results of human population polarity deciding and 

the results of the AI analysis can be considered representative of human opinion. 

• The AI does not correspond to the opinions of humans and even with its assured 

opinion making homogeneity, consistency and fairness, it does not corelate with 

the opinions of humans. 

• The human readers opinions differ too much from each other thus relationship 

with the NLP opinion could not be established.  

  

4.2. Results of the pre-testing phase 

Having the results available, a comparison of the human readers opinion with the 

sentiment scores assigned by the AI is enabled. All trends recognized are summarized in 

this chapter.   

Table 1 Alignment of the results of the NLP analysis with the opinion of human readers 

 

     

4.2.1. Alignment of the human readers opinion with 

the sentiment score assigned by the NLP 

Table 1 shows the alignment of the NLP analysis with the human readers opinion. In the 

table we can see which articles had better alignment score than others. In conclusion, the 

Reader 1 Reader 2 Reader 3 Reader 4 Reader 5 Reader 6 Reader 7 Reader 8 Reader 9 Reader 10 Allignment AI

The Sun - 9

The Sun + neutral neutral 9

The Independent - neutral 8

The Independent + neutral neutral neutral neutral neutral neutral 7

The Guardian - neutral neutral 10

The Guardian + neutral neutral neutral neutral neutral 2

The Daily Telegraph - neutral neutral neutral neutral 4

The Daily Telegraph + neutral neutral neutral neutral 7

Daily Mail - 9

Daily Mail + neutral neutral neutral 5
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alignment of the human readers with the NLP analysis in the selection of 10 articles is 

70%. 

If an article scores 50% it means that the readers are equally divided between the opinion 

that the article is positive and the opinion that the article is negative. The score of 50% 

towards the AI tells that the human readers cannot themselves decide the polarity of the 

article and thus the AI’s opinion may be representative of the human opinion either way. 

If the average of the alignment would be 50% it would still not render the NLP analysis 

unaligned with the human reader opinion (as it would align with half of the respondents 

when the other half stands in opposition no only to the AI but the other human readers as 

well). Only average below 50% could render the AI unaligned.   

The alignment average of 70% shows that the NLP analysis does represent the human 

opinion to an extent. Additionally, only in 2 cases did the alignment score get below 50% 

- only in these 2 cases, the human readers opinions were opposite to the original 

assessment of the NLP.  

4.2.2. The consistency of evaluation among the 

human readers 

When comparing the human readers between themselves, only in 2 cases are the results 

split between the two polarities evenly (alignment scores of 5 and 4). This limited data 

supports the notion that the human readers do agree with each other mainly, even in cases 

when their opinion differs from the that of the NLP. These results enable the consideration 

of human readers as somehow logically and methodically interconnected actors whose 

opinions align with each other.   

4.2.3. Trends present in the dataset     

The data also shows interesting trends that hold informative value. Also, there is a need 

to add the statement of neutrality into calculation and consideration. 27 of the articles are 

considered neutral by the readers. The proportionality of the neutral statement is 

important to look deeper into. For easier formulation of statements and conclusions, the 

unalignment occurrences (situation when the opinion of the human reader is not aligned 

with the pre-assigned sentiment by the NLP) will be referred to by a term of “mistake”.  
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Yet the true meaning of the word “mistake” does not apply here – it simply refers to the 

occurrence of misalignment of human readers opinion with the opinion of the NLP.  

4.2.3.1. Articles with negative polarity 

Of the 30 mistakes (out of 100 decisions), 10 were made judging the articles with negative 

polarity assigned by the NLP. In 10 instances, the human reader considered the articles 

with negative sentiment positive, which is a contradiction to the opinion of the NLP. 

Taking only the articles with negative sentiment into consideration, only in 10 cases of 

50 the human reader failed to identify the article with the same polarity as the NLP did 

beforehand. The error rate is therefore 20%. Of these 10 mistakes, 3 were marked with 

the neutral tag – meaning that 3 of these statements are closer to 0 (true neutral) and 

therefore closer to the NLP assigned polarity than the 7 mistakes left. The same logic 

applies in reverse – 4 out of the 40 aligned statements are marked with the neutral tag 

rendering them closer to 0 and therefore weakening their alignment strength.      

 

4.2.3.2. Articles with positive polarity 

Regarding the positive articles, the fault rate is more than double compared to the negative 

articles – 40%. Out of 50 articles with positive sentiment assigned by NLP, the human 

reader rendered 20 as negative.  

A rise in neutral marks is apparent as well, the readers has marked 20 of the positive 

articles as considerably neutral. Of these, 8 are marked as negative and 12 as positive. In 

conclusion, in addition to 20 mistakes made by human readers when judging a positive 

article, 12 more articles are indeed marked as positive (which would be aligned with the 

opinion of the NLP), but the neutrality tag moves their polarity closer to 0 thus weakening 

the claim of positivity. Put simply, only 18 readers did fully agree with the opinion of the 

AI regarding the positive articles. The rate of neutrality is higher even among the opposite 

statement, out of the 20 mistakes made, 8 are marked as neutral, rendering them closer to 

0 and weakening their polarity.  

In general, the human readers had more trouble recognizing positivity in the articles. 

There are two possible hypothesizes that may explain this trend (and which may be tested 

in following researches):  



31 

 

• The human readers are better at recognition of negative elements of given texts. 

The human readers may expect negativity to be more frequent in the articles or 

they may consider the words with negative sentiment more uncommon which 

would lead to more recognition given to them. Alternatively, the human readers 

may be biased and be expecting the media to be negative. This expectation may 

result in hypersensitivity towards the words reflecting negative polarity and 

higher success rate in recognition when facing negative article.  

 

• The AI’s perception of positivity is biased or wrongly set. The sentiment score 

of the NLP does not necessarily reflect reality. Articles that are considered 

positive by the NLP may not seem positive to human reader. There is a chance 

for hypersensitivity of the NLP when recognizing key words with positive 

sentiment and positive sentence structures.  

4.3. Conclusion of the Pre-testing phase     

The pre-test was aiming to answer following research questions:  

• Can NLP be used as source of reliable results when applied on texts longer than 

social media posts?  

• Is the method applicable to enable quantitative assessment of qualitative 

characteristics of given texts? 

According to the pre-test and the alignment score of 70% for the NLP, the method of 

using Natural Language Processing Artificial Intelligence is applicable onto the longer 

articles with qualitative characteristics to an extent. The method is thus scalable, but the 

more information is subjected to the analysis the bigger the deviation is to be expected.  

Still the time saving and possibly money saving aspects of the implementation of this 

method in assessment of huge datasets overweight the limitations. 

The method does allow for quantitative assessment of qualitative data. Implementation 

of similar pre-test is advisable, because only in comparison with real human respondents 

the alignment of NLP can be assessed with the new specific topic. 

Also, this hypothesis proved accurate:  
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• The AI does mimic the opinions of the human readers, its polarity deciding 

algorithm is aligned with the results of human population polarity deciding – the 

results of the AI analysis can be considered representative of human opinion. 

And these were proven incorrect: 

• The AI does not correspond to the opinions of humans and even with its assured 

opinion making homogeneity, consistency and fairness, it does not corelate with 

the opinions of humans. 

• The human readers opinions differ too much from each other thus relationship 

with the NLP opinion could not be established.    

  



33 

 

5. The Code 

Due to its nature, we do not know how exactly the neural networks reach their results, in 

our case how does the NLP conclude its finite division of which articles have positive or 

negative sentiment. But what can be disclosed is how are the data given to the neural 

network.  

Being aware of shortcomings of any coding, the exact code used for the analysis is 

provided– for transparency and possible improvement of the following research.  

Additionally, comments are provided for each sections of the code to explain its meaning 

for anyone interested in the reasoning behind its use and the specific coding. This helps 

to make the research accessible to people that do not understand Python or coding in 

general. 

What should the output be? The aim is to have a CSV file containing all the required 

information for further analysis in an organized manner – that includes name of the article, 

name of the publisher, date of publishing and the NLP sentiment score that tells us the 

nature of the article sentiment.  

Firstly, it was necessary to write the part of the code that would define which files will be 

subjected to the AI. It is important, in this case, to include all nominated articles and to 

exclude any files that could potentially be interpreted as articles without being one (notes 

etc.). These files could potentially skew the data. It is not a complex task knowing that all 

pre-selected articles are gathered in a specific folder followingly being further organized 

into subfolders according to publication year and publisher name. This folder division 

and setup is defined to achieve a better navigation through the dataset. The script and AI, 

being communicated to properly, can extract this information out of the articles 

themselves. Therefore, the directory of the folder with the articles had to be specified and  

the script made to gather all the data out of the PDF files.     

The environment and files are imported and loaded: 

from tika import parser 

Tika is used for the code to transfer PDF inputs to raw text that can be subjected to the 

NLP and vice versa. 
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import os 

This module provides a portable way of using operating system dependent functionality 

such as writing and saving files. 

 

import re 

RE stands for regular expressions and is used to give python the ability to ignore some 

expressions in text that would otherwise be considered an action – basically solving the 

issue of overlapping expression in the selected articles and words used as commands for 

python. 

  

import csv 

CSV allows Python to interact (read and write to) Excel files. 

 

from google.cloud import language 

from google.cloud.language import enums 

from google.cloud.language import types 

Importing the API to allow Python to communicate and work with the Google AI.  

 

import random 

Allows Python to generate random numbers (computer-based randomness is different 

from general idea of random event, so more precisely it allows to generate numbers by 

computer that are not pre-selected by human thus random subjectively). 

 

import statistics 

Package that allows to apply basic statistical measurements in the python.  

 

os.environ["GOOGLE_APPLICATION_CREDENTIALS"] = "creds.json" 

Loading the json file containing the necessary credentials to interface with the Google 

NLP API.  
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Next part consists of lines that define which folders and files will be subjected to the 

analysis. There is a need to specify how the code will select the appropriate files – in this 

case it is achieved by defining the correct directory and specifying that the code should 

use PDF files (the folder contains various file types which should be ignored by the code). 

 

def get_pdf_files(dr): 

    ''' 

    :param dr: directory of pdf files 

    :return: all the pdf files within the directories 

    ''' 

    output = [] 

    for subdir, dirs, files in os.walk(dr): 

This line is an order to cycle through all the subfolders in selected directory. 

        for file in files: 

Checking for all files in given sub-directory: 

            if ".pdf" in file: 

Checking if the file is an article (pdf file): 

                output.append(os.path.join(subdir, file)) 

If there is an article in the directory (a PDF file), all the information is combined and 

formed into a string that is added to a list: 

    return output 

The list is then returned. 

Next, a workaround to how to set a rule for the NLP to ignore all page numbers had to be 

found, because page numbers are not supposed to be part of the sentiment analysis. It was 

achieved by creating a string representing all hypothetical page numbers. The format of 

page numbering was identical in all the selected articles. Page X of Y. A list of string that 

would cover all possible combinations of X and Y had to be created.     

def setup_pages(): 
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    ''' 

    :return: a list of strings representing hypothetical 

page numbers 

    ''' 

    pages = [] 

    x = 0 

    y = 1 

    for z in range(100): 

Run 100 times (up to the limit of hypothetical page 100 of 100). 

        while x <= y: 

Starting at page 1 of 1 we keep going through. 

            s = "Page {} of {}".format(x, y) 

            pages.append(s) 

Outputs a string such as Page 1 of 5 based on the current X and Y values. 

            x += 1 

Increase current page: 

        y += 1 

Increase total pages: 

        x = 0 

Reset current page: 

    return pages 

This has covered all possible combinations of how the pages are described in the 

document thus allowing the exclusion these combinations from the content that NLP will 

evaluate and include in the analysis. 

Now a set of rules how the code will proceed the gathered data and how it will be working 

with the output CSV file must be defined. The following lines are a setup for parts of code 

that follow next.  

def csv_writer(info): 
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    ''' 

    :param info: data output that nees to be written to CSV 

file 

    :return: N.A - CSV file 

    ''' 

    with open('goog.csv', mode="a") as results_file: 

        results_writer = csv.writer(results_file, 

delimiter=',', quotechar='"', quoting=csv.QUOTE_ALL) 

The Goog.csv is the output excel file the results were being written into. This line opens 

the file in a mode A which is a mode for writing additional lines to the file rather than to 

edit or erase data from the file. The DELIMITER statement sets a rule of how the code 

knows when to create a new column. In this scenario the character of “,” is a trigger for 

writing to a new column. QUOTECHAR sets a rule to recognize quotations because 

different characters may be used for quoting in different articles and sources.   

        results_writer.writerow(info) 

A new line will be written to the end of the CSV document containing the gathered 

information and data collected. It is important to understand that these steps are a setup 

of how the final CSV file will look like, a set of instructions for the Python, but all the 

actions such as writing to the CSV file will be done in the following phases. Now Python 

knows what it is about to do and how.  

def main(): 

    count = 0 

    publication_date = "" 

    article_body = "" 

    all_files = [] 

The program will create an empty list that it will be working with.    

    all_files.extend(get_pdf_files("2015/")) 

    all_files.extend(get_pdf_files("2016/")) 

    all_files.extend(get_pdf_files("2017/")) 
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The articles were organized in subfolders by year of publication. The folders were named 

by the respective years. This part of code utilizes the GET PDF FILES command in the 

beginning of the code to add all the PDFs in the directories to the mentioned empty list. 

The program will work further with this list. 

 

        print(count) 

Provide information on how many articles have been processed so far.  

 

        publication = file.split("/", 2)[1] 

        headline = file.split("/")[2] 

        headline = headline.replace(".pdf", "") 

To get a proper output it must be specified which information should the code take from 

the PDF and use it to name the proper line – each line in the CSV output should contain 

the publisher name and then the headline of the article. The program is told to extract 

this information from the metadata of the PDF files. FILE.SPLIT is used to split this 

information and take only the part needed for the respected column. In this case the 

publisher name and the headline are extracted (by specifying their respective order 

number in the file metadata – 1 stands for the publisher and 2 stands for the article 

headline). Then it was needed to remove the “.pdf” in the end of the name of the article 

– a rule is written to overwrite this part of the article name with “nothing” – thus 

removing it.   

 

        pdf_file2 = parser.from_file(file) 

PDFs are not readable to the program by default. The PDFs had to be converted using 

the parser component loaded in the beginning of the code.  

        raw_text = pdf_file2['content'] 

It is specified to the program what it should consider a raw text to be subjected to the 

analysis by the NLP. The expression specifies that the raw text is the content of the PDFs. 

Simply, the program now knows it is supposed to use the content of the PDFs for the 

analysis.  
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        for line in raw_text.splitlines(): 

            if "Load-Date:" in line: 

                publication_date = line.split("Load-Date:", 

1)[1] 

Another important information contained in the text is the date the article was published. 

For the purpose of the research, this information is crucial, because we want to see the 

trend of bipolarization in time. Luckily, a load-date information in present in each article 

and all that must be done is to extract it. Every article is scanned for the phrase “load-

date”, split the line and extract the needed information in string format.   

        raw_text = raw_text.split("Body", 1)[1] 

        raw_text = raw_text.split("Load-Date:", 1)[0] 

Finally, the unnecessary text attached to the string is removed to have a clean output.  

        raw_text = raw_text.splitlines() 

This line converts the text of the article into raw text where every line is separated. This 

allows the NLP to subject each of the line to the analysis separately in addition to being 

able to access the converted file at all.  

 

        bad_pharases = ["Subscriber Subscriber", "© Daily 

Mail"] 

        bad_pharases.extend(setup_pages()) 

        bad_pharases.append(headline) 

Based on the previously set rules, the document is scanned for bad phrases that I want to 

exclude from the analysis – some of the phrases are set respectively by me (such as the 

word “subscriber” which is attached to every article and does not belong in the text) and 

others are defined by rules set previously – the numbering of the pages for example.   

        raw_text = [s for s in raw_text if s not in 

bad_pharases] 

The bad phrases are removed.  

        for line in raw_text: 
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            if not line: 

                article_body += "\n\n" 

            else: 

                article_body += line 

Double lines are removed from the raw text output by this line.  

        article_body = re.sub(r'^https?:\/\/.*[\r\n]*', '', 

article_body, flags=re.MULTILINE) 

        article_body.replace("\n","") 

Inconvenient formation that may be caused by Unicode and SCIII conversions is removed 

as well.  

        result_line = [publication, publication_date, 

headline] 

At this point, all parameters are set up and the program knows how to process the 

information provided to it. A format in which the lines will be pushed to the final CSV 

document is set up. The name of the publishing house, the date of publication and the 

headline in are supposed to be in separate lines, each parameter in different column. The 

result line is specified that respects this goal. All these parameters were processed earlier 

and are ready to be written to the CSV.  

        get_headline_score(article_body, result_line) 

        count += 1 

This line gets the sentiment score for the headline. The range is limited to +=1 just to be 

sure the desired output is returned; the NLP already puts the score on the scale of -1 to 

+1.  

 

def get_entity_sentiment(): 

 

    try: 

        client = language.LanguageServiceClient() 

        document = types \ 
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            .Document(content=raw_text, 

type=enums.Document.Type.PLAIN_TEXT) 

 

        response = 

client.analyze_entity_sentiment(document=document) 

        result_line = [publication, publication_date, 

headline] 

Entity sentiment is an analysis of components the text consists of – the analysis checks 

how often the most repeated words are used and determines the emotional strength 

(magnitude) and sentiment. This allows to check for key words and identify patterns in 

word usage and stylistics.   

 

        print(response) 

 

def get_headline_score(text, result_line): 

 

    client = language.LanguageServiceClient() 

    document = types \ 

        .Document(content=text, 

type=enums.Document.Type.PLAIN_TEXT, language="en-us") 

Next, the interaction with the client is set up.  

 

    response = client.analyze_sentiment(document=document) 

A request is sent to Google to analyze the documents.  

 

    dm = response.document_sentiment.magnitude 

    ds = response.document_sentiment.score 
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Google’s response is retrieved, and the sentiment score and magnitude values are 

extracted.  

 

    if not ds: 

        avg = [] 

        for sentence in response.sentences: 

            avg.append(sentence.sentiment.score) 

 

        ds = statistics.mean(avg) 

If the program did not return an overall score (which was majority of cases), the program 

will evaluate the article on sentence by sentence basis and calculate the approximate of 

these scores. The final score is returned.  

 

    if ds and dm: 

        result_line.append(ds) 

        result_line.append(dm) 

        print(result_line) 

 

        csv_writer(result_line) 

    else: 

        print("both not there...") 

If both values have been retrieved successfully then the line is built and added to the CSV 

file.  

 

def get_sentiment_score(text): 

 

    client = language.LanguageServiceClient() 
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    document = types \ 

        .Document(content=text, 

type=enums.Document.Type.PLAIN_TEXT) 

 

    response = client.analyze_sentiment(document=document) 

 

    dm = response.document_sentiment.magnitude 

    ds = response.document_sentiment.score 

    score_list = [] 

    mag_list = [] 

 

    for sentence in response.sentences: 

        score_list.append(sentence.sentiment.score) 

        mag_list.append(sentence.sentiment.magnitude) 

All results are appended to the appropriate lines in the CSV document. 

 

    avg = statistics.mean(score_list) 

    max_score = max(score_list) 

    up_q_score = np.percentile(score_list, 75) 

    low_q_score = np.percentile(score_list, 25) 

Basic analytical and statistical tools are included in the code to convert the data in real 

time – the AI has used its own packages to do so as well.   

 

    result = [avg, dm, up_q_score, low_q_score, max_score, 

ds] 

    result = [str(x) for x in result] 

    return result 
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if __name__ == '__main__': 

    main() 

Results are converted into strings and appended to the CSV document. 
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6. Results of the analysis 

This chapter summarizes the output of the code and offers interpretations of the trends 

identified among the data. Also, the main research question is answered based on the data 

collected and analyzed. 

6.1. Bipolarity of Media 

In this chapter the main hypothesis of bipolarizing tendencies of the media in the UK is 

proven accurate and analyzed. The sentiment graphs presented are cumulative of the 

scores the media reached each set period showing the trends for both positive and negative 

sentiments in the articles published. 

 

 

 

 

 

Graph 1 Overview of distribution of the results for period of 2015, 2016 and 2017  
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The results of the analysis follow a normal distribution. Most of the sentiment scores are 

around 0. This may seem as proof of non-bipolarization of the media, interpreted as a 

tendency of media to report neutrally – having most of the published articles with almost 

neutral sentiment. Yet a more in-depth interpretation is needed to understand the meaning 

behind the normal distribution of the results.  

Firstly, it must be reminded that even a minimal score in either direction (either positive 

or negative) for the final sentiment score of the article bears high occurrences of polarity 

in the body of the article. Due to the final score being an average of all the sentiment 

scores for the lines in the article, the neutral statements and lines are heavily responsible 

for the tendency of the final score to stick to 0. 

Secondly, the normal distribution supports the claim of polarization of the media. It 

disproves the idea that media represent strong antagonist opinions that are balanced on 

both sides but proves that media are reactionary in total and that for every peak (outlier), 

there is a peak (outlier) in opposite direction. Also, for the values close to 0 this trend is 

apparent as well – more articles are in the negative side of the spectrum, but the balancing 

tendency is present and visible. 

Also, the normal distribution favors the assumption that my research results may 

represent the trends in media in general. Normal distribution may be present in bigger 

datasets and show same trends.  

Seeing the bipolar trend in final and total data, a compilation of follow-up questions 

should be investigated further:  

• What is the distribution of the results in time? Is the bipolar trend present 

continuously or does some periods balance other?  

• What is the distribution of results in selected media? Does the bipolarization occur 

in each media or does different media represent different sentiment flows that 

balance each other in total?  

These questions are answered by looking at the progression of the results through 

respective years and by looking into the distribution of scores in the different selected 

media individually.  

Also, an ANOVA test is conducted to check for variety between the selected media and 

inside their selection of articles.      
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6.1.1. Distribution of sentiment score through time    

This chapter visualizes the results of the analysis for the selected periods of 2015, 2016 

and 2017.  

 

 

This overview of the whole period of January 2015 - December 2017 illustrates 

distribution of the articles in time.  

The average sentiment scores for each year are:  

2015: -0.059812729 

2016: -0.059367389 

2017: -0.056576091 

The total average values for each year are similar which once again supports the claim of 

bipolarization of the media. Also, it supports the claim that the data is distributed evenly 

through the years, not culminating positive and negative results in different yearly 

periods. Each year is examined individually in following chapters. 

 

6.1.1.1. Year 2015 

In 2015 the massive immigration into the European Union has become an issue many 

media became to notice and discuss in their articles. It was the year of the rise of populism 

Graph 2 Overview of cumulative scores of all selected media for the years 2015, 2016, 2017  
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and securitization processes connected to the issue of mass immigration in Europe. The 

so-called European immigration crisis has begun. It is for these reasons that the year 2015 

represents the period with highest factual influx of immigrants into European Union and 

illustrates the way of media reporting in the beginning of the crisis. It showcases how the 

media approach the issue since its first appearance and how it gained relevance through 

the time. 

 

  

One trend is apparent from the graph – the articles with negative sentiment are much more 

common through the year of 2015. In comparison to the following years, the occurrence 

of articles with negative sentiment is higher but the intensity of the sentiment is lower, 

reaching lower maximal values and thus reaching similar total year average of the 

sentiment score.  

6.1.1.2. Year 2016  

The year of the infamous Brexit Vote is representative of the year the EU immigration 

crisis peaked. During this year the debate regarding the European Union policies about 

immigration and its plans to redistribute the refugees was most vocalized. Also, the 

amount of the refugees arriving to Europe were at its highest (following a strong year of 

2015). 

 

Graph 3 Overview of cumulative scores of all selected media for the year 2015 
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The data clearly shows the bipolarizing trend. In follow up to the previous chapter, the 

amount of negative inputs is higher that of the positive ones as expected, but the trend of 

reactions is of utmost importance here. We can observe that for the peak values similar 

reaction is present in the opposite direction – proving quantitatively that the media operate 

in polarized modus operandi.  

The most interesting timeframe of 2016 is the pre-voting period for the Brexit vote that 

took place on 23rd of June. In comparison to the rest of the year, the amount of texts 

regarding EU immigration published spiked in general and most of them had very strong 

negative sentiment. Right before the vote, there is a year’s maximum of articles with 

positive sentiment.  

 

 

 

Graph 4 Overview of cumulative scores of all selected media for the year 2016  
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This cumulation of articles with negative sentiment and the obvious rise in their number 

and intensity of the magnitude can be taken as a proof that the UK media environment 

during the pre-voting period has taken a serious attempt at portraying the EU immigration 

negatively. In the last days, the reaction observed by measuring the number of articles 

with positive sentiment published supports the claim of bipolar nature of UK reporting 

during this period. 

6.1.1.3. Year 2017    

The post Brexit vote year and a representative time of calmer period regarding the refugee 

debate. In this research, a control year which may illustrate the bipolar tendencies of 

media even without obvious trigger points in time. During this period the whole topic of 

immigration became less popular among the media as it did not spike as much reader 

interest as before. Simply put, the EU immigration and immigration crisis were not as 

followed topic as during the two previous years – reasonably because there were less 

immigrants incoming to Europe and the topic lost it traction. But a different important 

topic has been taken over the UK media – how will the Brexit be conducted? Even though 

it may not be directly corelated with the key word of EU Immigration it is still an 

important aspect of the British political debates and media environment.    

 

 

Graph 5 Overview of cumulative scores for period of 1st June to 23rd June 2016  
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The density of the articles is lower than in the previous years, but the bipolar trend is still 

present. Similarly to the previous periods, the negative articles outweigh the positive 

narrative.   

 

6.2. Differences between the media outlets and their 

reporting 

It is expected that each media outlet should have a specific way of reporting and thus 

different trends should be visible in the dataset regarding different media outlets. 

Interestingly, the average score of all media outlets combined (average score of all articles 

included in the analysis and subjected to the NLP AI) is negative.  

The specific score is -0.036122562.   

This output is interesting when combined with the results of the Pre-testing phase. 

Regarding the articles with negative sentiment, the alignment score was higher than in 

the case of positive articles and the opinion of the NLP was aligned with the opinions of 

human readers. Additionally, the conclusion of the pre-testing phase was that the most 

errors and differences were present in the articles positively flagged by the NLP. There is 

Graph 6 Overview of cumulative scores of all selected media for the year 2017  
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a possibility that the NLP is oversensitive for signs of positivity in the articles and even 

with this disability the combined mean of all the articles is negative. 

This leads to assumption that all 5 of the media subjected to the analysis tend to report 

negatively about the issue of immigration. This may not be an intent of the media space 

but it can alternatively mean that the media tend to use more negative vocabulary and 

framing when facing the issue of reporting about the immigration crisis in Europe and 

immigrants in general. Possibly, the topic of immigration and these negative connotations 

go hand in hand.   

These are the averages for each media outlets separately:  

The Sun: -0.022741798 

The Independent: -0.028936147 

The Guardian: -0.035312478 

The Daily Telegraph: -0.039112628 

The Daily Mail: -0.063328071     

Also, the analysis offers another value for each article which was averaged. The value is 

called Magnitude and it is a numerically expressed intensity of an emotion the text.  

Magnitude indicates the overall strength of emotion (both positive and negative) within 

the given text, between 0.0 and +infinity. Unlike score, magnitude is not normalized; each 

expression of emotion within the text (both positive and negative) contributes to the text's 

magnitude (so longer text blocks may have greater magnitudes).57 

The Sun: 0.177897318 

The Independent: 0.204120288 

The Guardian: 0.179694187 

The Daily Telegraph: 0.207064849 

The Daily Mail: 0.208148557 

 
57 Google Cloud. 2020. Natural Language API Basics | Cloud Natural Language API. [online] Available 

at: <https://cloud.google.com/natural-language/docs/basics#sentiment-analysis-values> [Accessed 12 

January 2020]. 
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The monthly averages of sentiment scores are shown in Table 2. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Assessing only the monthly averages, we can see some possible trends in the data. 

Firstly, The Sun, which could be considered as a favorite candidate for most negative 

reporting (due to its tabloid nature) surprisingly takes the place as the most positive (in 

Table 2 Overview of monthly averages of sentiment scores for each media outlet 
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average) in comparison to the rest of the media. But looking into the more elaborate report 

in the table 2, an explanation is at hand. 

Compared to the other media in the table, The Sun certainly switches the sentiment most 

regularly – having some months with positive average for the articles and others with 

negative one. This bipolarity among The Sun can be explained as lack of uniformity of 

opinion and its purpose to target the widest audience – always reporting about the hottest 

topic not taking into consideration its sentiment. Of course, this explanation is not tied 

directly to the data displayed and is merely an estimate offered to answer why are the data 

so bipolar in the case of The Sun article selection. 

Interestingly, The Guardian which was expected to represent more liberal and hence 

positive attitude towards the topic of immigration still falls into the negative category 

with all monthly averages. On the other hand, consistency of reporting can be seen in the 

case of The Guardian – maintaining similar values through all the months which would 

support the general idea about it being more serious media outlet on the market.  

Both maximal outliers (0,1739 positive and -0,1418 negative) go to The Daily Telegraph. 

Similarly to The Sun, this ambivalence could point at click-bait reporting and wide-

targeted focus of the media. 

6.3. Results of the ANOVA test 

ANOVA is a statistical test used to compare samples based on their means. The test 

results determine whether the means between samples differ to a greater extent than the 

variance within the samples themselves. A t-test, which is often used in comparative 

literature to determine whether the difference in means of groups are statistically 

significant, is different in one key aspect. Unlike a t-test; ANOVA can compare more 

than two groups simultaneously. This became a key factor when picking this statistical 

test as comparing all the different publications would provide more research value. The 

limitation of the ANOVA test is that the result can tells us if there is a difference in the 

groups, but it cannot identify within which groups the difference is present.58 

 
58 Hypothesis Testing - Analysis of Variance (ANOVA). [online] Available at: 

http://sphweb.bumc.bu.edu/otlt/MPH-Modules/BS/BS704_HypothesisTesting-

ANOVA/BS704_HypothesisTesting-Anova2.html?fbclid=IwAR0tVtdEXPrU8WnBulH-

iiVrq9Jzppfb0YdHWkldGD8P4v16c8BbrKJr1UE [Accessed 15 March 2020] 

http://sphweb.bumc.bu.edu/otlt/MPH-Modules/BS/BS704_HypothesisTesting-ANOVA/BS704_HypothesisTesting-Anova2.html?fbclid=IwAR0tVtdEXPrU8WnBulH-iiVrq9Jzppfb0YdHWkldGD8P4v16c8BbrKJr1UE
http://sphweb.bumc.bu.edu/otlt/MPH-Modules/BS/BS704_HypothesisTesting-ANOVA/BS704_HypothesisTesting-Anova2.html?fbclid=IwAR0tVtdEXPrU8WnBulH-iiVrq9Jzppfb0YdHWkldGD8P4v16c8BbrKJr1UE
http://sphweb.bumc.bu.edu/otlt/MPH-Modules/BS/BS704_HypothesisTesting-ANOVA/BS704_HypothesisTesting-Anova2.html?fbclid=IwAR0tVtdEXPrU8WnBulH-iiVrq9Jzppfb0YdHWkldGD8P4v16c8BbrKJr1UE
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When the full array of sentiment scores was fed into the ANOVA algorithm we assumed, 

of course, that our null hypothesis states that there is no difference in the means.  

H0: μ1 = μ2 = μ3 = μ4 = μ5 

Whilst our second hypothesis (H1) states that means are not all equal. 

The test for all the media included in the analysis bears following results:  

P-value = 6.75 

F-value = 16.01 

This tells us that the results obtained may not be statistically significant due to such 

extremely high P-value. A high p-value expresses the likelihood that these results 

happened by chance. Widely cited papers usually consider p-values under 0.05 as 

statistically significant. 

It tells us there may not be much variance between the groups hence not much variance 

in the way of reporting of the media when compared with each other. Simply, it implies 

that publisher alignment has minimal effect on the sentiment score. However, the F-value 

is very high. 

F = variation between sample means / variation within the samples 

This raises a further question as to why the ratio of variance across groups to within 

groups (F Value) is so high.  

Interestingly, when the tabloid media (The Sun and Daily Mail) are removed from the 

selection and the ANOVA test is performed again only with The Independent, The 

Guardian and The Daily Telegraph, the results are vastly different. The values for this 

follow-up test are:  

P-value = 0.001  

F-value = 6.6 

The P-value has decreased extremely and now renders the results significant. The F-value 

has decreased a lot as well. The explanation for this vast change in the results when the 

selection is altered may be that the tabloid media, accordingly to the goal of their reporting 

style, switch opinions a lot and thus has large variability inside their own groups, whereas 

the rest of the selection which represents the quality broadsheet media does maintain a 

level of consistency in their reporting and the difference between their sentiment scores 
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are significant. It does not necessarily mean that the difference is huge (when we know 

that all of the media tend to report rather negatively according to the results available), 

but it is significant enough to be distinguished.  

Some of the broadsheet media report more negatively than the other. Due to the 

limitations of the ANOVA test, we cannot identify which is which from the calculated 

values. 

In conclusion, the tabloid media represented by The Sun and Daily Mail have big variance 

in the sentiment scores of the selected articles in their respective groups. The rest of the 

selection which represent credible broadsheet media is maintaining consistency in the 

sentiment scores of the selected articles and can be considered to represent different 

opinions and thought streams uniformly in their groups.      

6.4. The dissonance of headline and article body 

A very interesting inspection the analysis allowed for to performed regards the dissonance 

between the sentiment scores of the headlines of the articles and sentiment scores of the 

actual contents of the same article. Quantitatively, the delta values between the two scores 

provided can be measured. The higher the delta, the bigger the difference between the 

sentiment of the headline and the contents of an article is.  

Firstly, focus is given to the average sentiment scores of the headlines regarding each 

media outlet specifically. The method of gaining the value is the same as in the case of 

retrieving the sentiment score of the whole article. The headline is considered a separate 

line in the score and the code was able to distinguish this information and write it into 

separate CSV file created for the headline scores:  

The Sun: -0.023611111 

The Independent: -0.077343750 

The Guardian: -0.050315789 

The Daily Telegraph: -0.076170213 

The Daily Mail: -0.05797665482 

Again, all the of means are negative. With the exception of The Daily Mail, the mean of 

the headlines for the selected media are more negative than that of the articles. This 

difference of the means leads to the conclusion that the selection includes articles which 
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may have different sentiment score of the headline than sentiment score of the article 

itself. This dissonance is important – it is known that the headline of the articles cannot 

fully describe the content of the text and that it is usually used to attract the readers to the 

media. Yet situations in which the sentiment scores of the headline and article differs too 

much could be considered as misleading reporting – abusing the headline for the purpose 

of gripping the reader solely without bearing the informative value the headline should 

provide. The total mean of the articles bodies is -0.058742873 and the total mean of the 

headlines is -0.083365332.  The approach I have chosen to decide to which amount each 

of the media skews headlines is measuring the delta values (difference of the sentiment 

score) between the sentiment score of the headlines and sentiment scores of the texts of 

the articles. The total average of delta score is 0.277792392. The values are as follows:  

Row Labels 

Average of Headline 

Body delta 

Average of body 

score 

Average of 

headline score 

2015 0.276050989 -0.059812729 -0.041192412 

The Daily Mail 0.246514478 -0.057904192 -0.02909091 

The Daily Telegraph 0.263006187 -0.053651929 -0.048936171 

The Guardian 0.256319093 -0.051397428 -0.0352 

The Independent 0.324289495 -0.074895286 -0.05376344 

The Sun 0.280498329 -0.060705834 -0.038775511 

2016 0.274802503 -0.059367389 -0.084196252 

The Daily Mail 0.263230181 -0.099453083 -0.064409722 

The Daily Telegraph 0.257470628 -0.052578717 -0.112831858 

The Guardian 0.271976486 -0.063061827 -0.088039216 

The Independent 0.286399955 -0.051660235 -0.090079365 

The Sun 0.274493742 -0.034899661 -0.055241935 

2017 0.28667689 -0.056576091 -0.11803653 

The Daily Mail 0.254032672 -0.067656362 -0.09137931 

The Daily Telegraph 0.31021256 -0.04907952 -0.172 

The Guardian 0.268572811 -0.063060747 -0.137368421 

The Independent 0.301150186 -0.056942102 -0.12005988 

The Sun 0.273445186 -0.038957977 -0.009302326 

Grand Total 0.277792392 -0.058742873 -0.083365332 

Table 3 Overview of delta values for selected media in time  
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Based on this data, The Independent seems like a media outlet with highest the dissonance 

regarding the sentiment of headlines and bodies of its articles, leading both 2015 

(0.324289495) and 2016 (0.286399955) and placing second highest in 2017 

(0.301150186). Possibly this may relate to the shift to online presence for The 

Independent and its adaptation to the new (and faster) environment. Surely, more data 

would need to be gathered to inspect the reasons for such results.   

The assumption was that yellow journalism would be leveraging the practice more as it 

seemed to be a method that would go hand in hand with the purpose of such reporting, 

but the deltas data does not support this claim. Not only are the results similar for each of 

the media outlets, but The Sun, which represents the yellow journalism in my research, 

scores better than The Independent. Yet for years 2016 and 2017, The Sun follows second 

with the scores of 0.280498329 and 0.274493742.   

In conclusion, the Grant Total score of 0.277792392 regarding the Delta values indicates 

that there indeed is a difference between the sentiment scores of articles and their 

headlines complimenting the hypothesis of media abusing headlines for readers attraction 

rather than to summarize the follow-up body of the text.  
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Conclusion 

Immigration and asylum policy making are topics often discussed in both political debates 

and normal conversations. It almost seems like everyone has an opinion on immigration 

and how the European Union should approach its asylum policies.  

The media are often blamed for bipolarizing the society regarding this topic. But are 

publishers truly responsible for these heated arguments? Does the media really affect the 

attitudes of people so much?  

If they may possess such power, media must be bipolarized themselves in the first place. 

The goal of my thesis was to analyze these dynamics using natural language processing 

AI and to provide a definitive answer to whether the media operate bipolarly or not 

regarding the EU immigration. 

Based on the data collected and analyzed, the answer is clear – yes, there is a bipolarized 

trend present in the UK media dataset for years 2015, 2016 and 2017. Even though the 

results tell us that all the media report rather negatively in total, the normal distribution 

of the data clearly shows the reactionary principle in all the examined periods with a 

noticeable spike during the pre-Brexit vote week. 

Also, there is a difference between how the broadsheet and tabloid media work with the 

topic of immigration. The tabloid media tend to switch regularly the sentiment of their 

articles, reaching negative values on one day and positive on the other, whereas 

broadsheet media maintain some level of consistency of reporting throughout the whole 

three-year period. 

Interestingly, the data also favors the idea of an alleged practice of the journalists to use 

headlines to attract readers, not to summarize the body of the article. There is a significant 

dissonance between the observed sentiments of the headlines in comparison to the actual 

article. This trend is present for all publishers.  

There was a secondary objective to my research – to prove that the NLP AI can be used 

to assess sentiment of media articles (in opposition to short social media posts) and that 

the applied method is viable for future research to save costs and time. This proved 

accurate as well.  

Based on the alignment score of 70% (meaning that the opinion of used AI was aligned 

with 70 human decisions out of 100), the method proved surprisingly effective. The 
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method is applicable for enabling quantitative assessment of qualitative aspects of 

datasets. This discovery opens further possibilities to application of this prominent 

technology. 
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Appendices 

Table 2 Alignment of the results of the NLP analysis with the opinion of human readers 

 

     

 

 

Reader 1 Reader 2 Reader 3 Reader 4 Reader 5 Reader 6 Reader 7 Reader 8 Reader 9 Reader 10 Allignment AI

The Sun - 9

The Sun + neutral neutral 9

The Independent - neutral 8

The Independent + neutral neutral neutral neutral neutral neutral 7

The Guardian - neutral neutral 10

The Guardian + neutral neutral neutral neutral neutral 2

The Daily Telegraph - neutral neutral neutral neutral 4

The Daily Telegraph + neutral neutral neutral neutral 7

Daily Mail - 9

Daily Mail + neutral neutral neutral 5

Graph 1 Overview of distribution of the results for period of 2015, 2016 and 2017  
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Graph 2 Overview of cumulative scores of all selected media for the years 2015, 2016, 2017  
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Graph 3 Overview of cumulative scores of all selected media for the year 2015 
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Graph 4 Overview of cumulative scores of all selected media for the year 2016  
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Graph 5 Overview of cumulative scores for period of 1st June to 23rd June 2016  
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Graph 6 Overview of cumulative scores of all selected media for the year 2017  
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Table 2 Overview of monthly averages of sentiment scores for each media outlet 
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Row Labels 

Average of Headline 

Body delta 

Average of body 

score 

Average of 

headline score 

2015 0.276050989 -0.059812729 -0.041192412 

The Daily Mail 0.246514478 -0.057904192 -0.02909091 

The Daily Telegraph 0.263006187 -0.053651929 -0.048936171 

The Guardian 0.256319093 -0.051397428 -0.0352 

The Independent 0.324289495 -0.074895286 -0.05376344 

The Sun 0.280498329 -0.060705834 -0.038775511 

2016 0.274802503 -0.059367389 -0.084196252 

The Daily Mail 0.263230181 -0.099453083 -0.064409722 

The Daily Telegraph 0.257470628 -0.052578717 -0.112831858 

The Guardian 0.271976486 -0.063061827 -0.088039216 

The Independent 0.286399955 -0.051660235 -0.090079365 

The Sun 0.274493742 -0.034899661 -0.055241935 

2017 0.28667689 -0.056576091 -0.11803653 

The Daily Mail 0.254032672 -0.067656362 -0.09137931 

The Daily Telegraph 0.31021256 -0.04907952 -0.172 

The Guardian 0.268572811 -0.063060747 -0.137368421 

The Independent 0.301150186 -0.056942102 -0.12005988 

The Sun 0.273445186 -0.038957977 -0.009302326 

Grand Total 0.277792392 -0.058742873 -0.083365332 

Table 3 Overview of delta values for selected media in time  
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1) Introduction to the topic and the research target of the diploma thesis 

The so-called European immigration crisis of 2015 and 2016 has challenged 

both the European immigration policy (of EU and member states separately) as 

well as the internal social structures and dynamics of EU member states. We 

would hardly look for another topic that has been so passionately discussed by 

both the media and the public. 

The security aspect of the topic lies in the threat of immigration itself and, more 

importantly for my thesis, in securitization process that goes with it. Focusing on 

the medialization of the whole phenomena, I would like to provide a more 

structured and definite answer to an accusation, claim, that is often blamed on 

the media – that we were (are still are) witnesses to a process of the 

bipolarization of the society due to the emotional substance of immigration crisis 

debate. And that this process was accelerated and fueled by the media 

portraying of the topic.  

To answer directly the question of bipolarization of the society would be a 

challenging task, the assessment of the bipolarity does not seem a task specific 

enough to be considered finite – how to define such trend in society and how to 

compare it? But to assess the role of media and its possible impact may be 

realistic.  

In time, the media should show the same trend as the society it is supposed to 

influence – that is, in time, the media should show a trend of bipolarization. 

Having access to the enormous quantitative data in form of media articles on 

the topic of immigration a quantitative study of such trend should provide 

structured answers.  

Being limited by the language barrier I decided to focus on the case of United 

Kingdom and their media coverage – yet, having UK as a case study is fruitful 

for the nature of the immigration discussion in the country, Britain has been the 

most high-profile advocate for changing EU rules on immigration and asylum. 

2) Conceptual and theoretical framework 
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The topic of immigration and its security aspects will be summarized and 

described in three parts. 

The first part will focus on the immigration itself and its implication for the 

security practice. It should be outlined what the arguments for and against 

immigration are. The goal is to provide a view into the bipolar discussion and to 

summarize the clashing opinions, that is to define the supposed bipolarity. Work 

of sociologists such as Giovanni Sartori and Roger Scruton will be used and 

cited.  

Secondly, the process of securitization will be outlined and its relation to 

immigration specified.   

Thirdly, the role of the media in the process will be described – in both the 

securitization and the claimed bipolarization process. This theoretical framework 

will be then translated into the practical text mining research which aims to 

either prove or disprove the supposed bipolarization. 

3) The Text Mining Analysis 

The practical part of the thesis. A dataset of articles from UK based tabloids and 

newspapers will be used for the quantitative analysis.  

These include:  The Guardian, The Daily Telegraph, The Daily Mail, The 

Sun, The Daily Mirror. The selection involves serious media as well as yellow 

journalism print. 

To get this dataset I am planning on using the Nexis database which should 

provide me with access to mentioned newspapers and tabloids dating back 

from 2014. Ideally, the dataset should include 300 articles on immigration at 

least, depending on the actual count available.   

Availability of the database for my research is yet to be confirmed. 

The main challenge is to choose two representative samples out of the dataset, 

one for each of the polarized position – one representing the stand welcoming 

refugees and one representing the opposition calling for strict border control. 

These two samples should be extreme to illustrate the bipolar position of the 

stands. 
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A contextual (key word or phrase) analysis will be performed on these selected 

articles to determine the typical wording of such opinions. The goal is to get a 

clear selection of key words that imply such polarized statements.  

This result of key words will then be used to:  

1. Determine the position of selected media in the immigration debate: 

The Guardian, The Daily Telegraph, The Daily Mail, The Sun, The 

Daily Mirror  

2. Compare the tabloids and draw partial conclusions about their 

objectivity 

3. Map the dynamics between the tabloids in time 

4. Map the Evolution of the media portraying in time 

5. Based on data, decide if the trend is stable or the media outlets are 

getting more polarized in time 

6. Graphically illustrate the trend 

4) Interpretation of the analysis results 

The data should provide answers to the following set of questions:  

1. Is there a difference in portraying of the immigration between the 

selected outlets?  

2. If yes, can these outlets be grouped based on their framing approach?  

3. Is there a difference in portraying of the immigration in time? 

4. Does that supposed difference support the claim of bipolarization in 

time?  

5. Can these results be used for further research to be compared with 

trends in society to answer the relationship between the media, 

immigration and public opinion?  

5) Planned thesis outline 

1. Introduction 

• 1.1 Literature review 

2. Theoretical and conceptual framework 

• 2.1 Immigration and security 

• 2.2 Securitization and Media 
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• 2.3 Case Introduction 

• 2.4 Text Mining 

• 2.5 Dataset – all used articles 

• 2.6 Dataset – exemplary articles for the content analysis  

3. Content analysis of the selected articles 

• 3.1 Analysis 

• 3.2 Result and Keywords 

4. Text mining analysis 

5. Interpretation of the results 

6. Interpretations of the results in time 

7. Conclusion 
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