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Abstract
The aim of this thesis is to analyze the consumers’ willingness to pay for subscriptionbased video streaming services in the Czech Republic. With the unique data collected
via self-developed questionnaire both the willingness to pay and the maximum price
that consumers would be willing to pay for such services is examined. Using the logistic
regression, variables that have a significant effect on the probability of subscribing were
identified. These include the age, education level, preference for original sound and
Czech movie production, online payments, purchase of an electronic movie, number of
devices used, cinema visits, favouritism of movies over TV shows, satisfaction with the
content offered by common broadcasting stations and desire for spatial mobility when
accessing video content. Similar results were obtained when predicting the price using
OLS. Additionally a previous purchase of a physical medium and the income level were
found significant. Based on demand estimation this thesis also suggests that from the
provider’s perspective the optimal profit maximization price for streaming services
should be set in the range from 218 to 283 CZK.
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Abstrakt
Cíl této bakalářské práce spočívá v analýze ochoty spotřebitelů platit za streamovací
služby nabízející filmový obsah v České republice. Na základně unikátních dat
získaných z dotazníkového šetření je zkoumána nejen ochota platit, ale také maximální
cena, kterou by spotřebitelé za takovéto služby byli ochotni zaplatit. Pomocí logistické
regrese byly identifikovány faktory, které signifikantně ovlivňují pravděpodobnost
předplacení služby. Tyto faktory zahrnují věk, úroveň dosaženého vzdělání, preferenci
originálního znění a české filmové produkce, online platby, koupě elektronického filmu,
počet používaných zařízení, návštěvy kina, preference filmů před seriály, spokojenost
s obsahem nabízeným běžnými televizními stanicemi a přání moci sledovat filmový
obsah odkudkoli. Podobné výsledky byly získány při predikování ceny pomocí OLS.
Dále se zde ukázal signifikantní předchozí nákup fyzického média a výše příjmu. Na
základě modelace poptávky tato práce také ukazuje, že z pohledu poskytovatele by
optimální cena streamovacích služeb, která maximalizuje profit, měla být nastavena
v intervalu od 218 do 283 Kč.
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Introduction
The digitalization and technological development has been transforming the
entertainment industry since the last century. By replacing the videocassette format, it
was the Digital Versatile Disc (DVD) which was the dominant technology for playing
video content in the late 1990´s and the audio compact disc (CD) became the main
format for audio storage. However, the DVD was later replaced by Blu-ray and with the
widespread of the Internet other alternatives such as illegal downloads and streaming
platforms providing video on demand started to appear (den Uijl & de Vries, 2013). The
Internet has thus become another segment of the broadcast industry which is competing
against the traditional forms of broadcast media such as radio and television. Many TV
stations offer their television content, in addition to regular broadcasting, online and
new streaming platforms such as Netflix, Amazon, Hulu or HBO GO emerged to
provide their subscribers with previously aired content as well as with original content
of their own (Auerbach, 2017).
Digitalization contributed to the reduction of transaction costs not only in the
production phase of an audiovisual content but also in the distribution phase. Digital
content can be easily distributed electronically compared to DVDs which first need to
be burned and then packed and dispatched. Thanks to the digital technology the online
content can simultaneously reach more end receivers ranging from televisions to laptops
or smartphones (Szczepanik et al., 2018).
In the United States 67% of households are paying for some kind of
subscription-based streaming service. The four most important attributes of a such
streaming service are to American population the variety of available content, a user
interface which is easy to navigate, an access to video content and the accessibility of
desired content (Nielsen, 2018).
Subscription-based streaming services constitute the main revenue driver in the
home entertainment industry while replacing the previous leader of the market physical media. Yu et al. (2018) in their study focused on the relationship between
subscription-based streaming services and sales of physical media. Based on a natural
experiment they found evidence for cannibalization of physical sales by streaming.
Questionable is also the possible effect the streaming can have on demand for cinema
tickets. Parlow and Wagner (2018) examined on data from 19 EU countries the effect of
Netflix on the demand for cinema. Up until 2016 the results showed positive effect on
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the cinema ticket sales indicating the complementarity of Netflix and cinema
experience. However, the trend reversed in 2016 which, according to Parlow and
Wagner (2018), can be attributable to the Netflix’s release of original content and titles
of higher quality.
Same development is observable also in the music industry. While the global
recorded music industry revenue from physical media dropped to one fifth since the
beginning of the millennium, streaming became the single largest revenue source in
2017 with 176 million users of paid subscription accounts globally (International
federation of the phonographic industry, 2018).
In the context of digitalization the crucial question arises: what it exactly means
to watch television? According to Nielsen (2016) the perception of watching television
has changed dramatically as only few years back the general practice was to sit in front
of the television and either watch what was currently broadcasted or to wait for the
desired program to start at a set time. With the emergence of video on demand the
spectator now has the chance to download or stream the video content not only from TV
packages but also from other online providers.
Tryon (2012) uses in his essay the term platform mobility which, as he claims,
encourages the transition from collective viewing practices to viewing of video content
perceived as an individualized activity. Viewing became personalized in a way that a
spectator can freely choose when, where and what he will watch while having an access
to a broad content simply at the click of a mouse. The time and place independence,
referred to as a temporal and spatial mobility, thus play a crucial role in the new era of
digital delivery and contribute to the new consumption practices of movies or TV
shows. People have moved from passive spectators to those, who actively shape their
viewing experience (Tryon, 2012).
The aim of this thesis is to analyze the willingness to pay (WTP) for
subscription-based video streaming services in the Czech Republic and to uncover the
factors that influence it. The streaming services with a concept similar to the one of
Netflix, HBO GO or Amazon Prime Video will be in the centre of our interest. With the
unique data collected via self-developed questionnaire not only the WTP itself but also
the price that respondents would be willing to pay for streaming services will be
examined. Based on a demand modelling, the optimal price from a perspective of a
monopoly provider will be calculated as well. A new perspective could thus be added to
the existing literature as no research dealing explicitly with the WTP for subscription-
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based streaming services in the Czech Republic has been conducted yet, to the best of
my knowledge.
This thesis is structured as follows. Chapter 1 provides a theoretical background
for this study. The term video on demand will be defined, the entities on the video
market place as well as the business models of video on demand will be introduced and
the situation on the Czech video marketplace together with the main subscription-based
streaming services will be presented. Chapter 2 summarizes the previous literature on
the willingness to pay and presents studies related to this thesis. Chapter 3 presents the
data and variables and states the hypothesis. Chapter 4 includes the theory necessary to
build a model for the empirical analysis. The regression analysis will be performed and
results will be presented in Chapter 5 and subsequently we will conclude our findings.
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1. Theoretical Background
1.1 Video on demand
The streaming services providing video content fall under a general term called
video on demand (VoD). The understanding of the concept of VoD was naturally
changing over time as the technology was evolving. The first definitions perceiving
VoDs mainly as file downloads thus had to be revised to reflect the other possible forms
such as streaming. The International telecommunications union defined the video on
demand in 2009 as: “A service in which the end-user can, on demand, select and view
video content and where the end-user can control the temporal order in which the video
content is viewed (e.g. the ability to start the viewing, pause, fast forward, rewind, etc.)”
(European Audiovisual Observatory (EAO), 2014, pg.7).
However, not even this definition might be fully satisfying as it does not
differentiate between providers of an access to these services. In the publication of PwC
(2018) VoD is for instance classified as a streaming service which is distributed through
the Internet or over-the-top platforms (OTT)1. The on-demand audiovisual services
might therefore be divided into three groups – Catch-up TV, Preview TV and VoD
(EAO, 2014).
On Catch-up TV previously broadcasted programmes are made available for a
limited amount of time by the broadcaster of the programme while Preview TV offers
programmes that have not been broadcasted yet. VoD, on the other hand, offers a wide
range of video content “independently of any television broadcast” (EAO, 2014). There
are TV stations in the Czech Republic that offer their content through Catch-up TV. An
example would be TV Nova which makes the broadcasted content available for one
week on its website Nova Plus or TV Prima with its online platform iPrima.
In the Czech Republic the definition of VoD is legislatively treated within the
Act No. 132/2010 Coll. on on-demand audiovisual media services. This act provides a
somewhat broader definition compared to the one of EAO. The purpose of on-demand
audiovisual media services must be to entertain, inform or educate the spectator and
simultaneously, the provider of the service must have an editorial responsibility for the
provided content. From this legal definition follows that content sharing platforms such

1

The concept of OTT is defined as “distribution of voice, video and data services without going through
the cable or telecommunications operators.” (EAO, 2014, pg. 13)
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as YouTube cannot be regarded as on-demand audiovisual media services, as the
editorial responsibility condition is not satisfied.

1.2 Entities on the video marketplace
The Federal Communications Commission (FCC) in her eighteenth report from
2017 divides the entities on the video marketplace into three groups, which are
multichannel video programming distributors (MVPDs), broadcast television stations
and online video distributors (OVDs). This categorization should, according to FCC,
reflect well the historical development of the video viewing.

1.2.1 Multichannel video programming distributors
The FCC defines an MVPD as “an entity that makes available for purchase by
subscribers or customers multiple channels of video programming” (FCC, 2017, pg.6).
As competition on the video marketplace is rising with other actors such as OVDs
entering the market, MVPDs often bundle channels with other services such as phone
services or the internet. It also became common that MVPDs would enable their
customers to watch some video content on own online platforms or that an access to
established streaming platforms such as Netflix or HBO GO would be accessible
directly through the customer’s set-top box.
Customers can usually choose from a variety of video packages with different
amounts of channels and other special features such as HD quality. Even though the
MVPDs traditionally competed among each other, the number of the so called “cord
cutters”, those who cancel cable or satellite subscriptions in favour of online streaming,
is rising (FCC, 2017). In their empirical work Prince and Greenstein (2017) analyzed,
based on U.S. data, the cord-cutting behaviour and found that the younger and less
wealthy part of the population is more prone to cord-cut. In the main focus of the
research study of Tefertiller (2018) were the factors that influence the cord-cutting
behaviour and the substitution of cable TV by streaming services. He found that the
perceived relative advantage of streaming services over television was the main driver
of cord-cutting intentions. Last but not least, Banerjee et al. (2012) showed that
demographics, the number and variety of connected devices and a streaming activity
affect the consumer’s choice of OTT segment with three possibilities of either using
only OTT, pay TV or their mutual combination.
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In the Czech Republic we can rank the providers O2 and UPC among MVPDs.
Both of these providers offer video content through own online platforms – O2 offers
O2 TV and customers of UPC can access My Prime.

1.2.2 Broadcasting television stations
Broadcasting television stations can be commercial or non-commercial TV
stations. Their major source of revenue comes from advertisers, who buy the
advertisement time from the broadcast TV stations, or from retransmission consent fees
from MVPDs. Broadcasting stations are mainly competing among themselves in
gaining viewers by purchasing or producing video content and by enhancing the content
offer and viewing experience. That includes the availability of HD quality or the
possibility to view the video content on a time-shifted basis. (FCC, 2017)
Czech television stations often provide their video content on online platforms
either through monthly subscriptions or partly free of charge. Nova Plus, iPrima and
iVysílání are online platforms of the three main television stations TV Nova, Prima and
Czech Television respectively.

1.2.3 Online video distributors
Online video distributors represent the last group of the actors on the video
marketplace based on the definition of FCC (2017). The main advantage of services
provided by OVDs is their easy accessibility which is conditioned by the availability of
high-speed internet only. That is a main difference compared to the MVPDs or
broadcasting stations that provide their services through own infrastructures or based on
station’s signal coverage respectively. Another characteristic of online video content is
its easy accessibility via a variety of mobile devices with an internet connection, ranging
from smartphones and tablets to television sets and gaming consoles (FCC, 2017).
OVDs are often perceived as complementary services as they differ in both type
and amount of video content. Customers may thus subscribe to more OVDs at once as
opposed to MVPDs in whose case there is commonly only one provider of television
programmes per household. Regarding the actual video content, OVDs negotiate the
streaming rights for regular or exclusive video content with studios and producers.
Certain movies or TV shows are then provided by only one OVD which contributes to
the complementarity of OVDs. OVDs also often invest in own original video content
(FCC, 2017).
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1.3 Business models of video on demand
The last classification which is essential for this thesis is the classification of
VoDs based on their model of monetisation, or in other words, the way how the services
offered are financed. The primary categorization identifies two groups of VoDs – one,
which is financed directly by the users of these services and the other one, which raises
money from advertisement. Another classification takes into consideration the actual
form in which the service is offered to the customers. These include either unlimited
streaming or purchases or rentals of single video units. On the online video marketplace
there can be providers with a variety of business models or their combinations. PwC
(2018) for instance recognizes three basic models – subscription based, advertisement
based and transaction based. The European Commission even works with six different
business models (EAO, 2014). I will follow the definition of the Federal
communications Commission and introduce four prevailing monetisation models of
today’s VoDs.
Advertising-supported video on demand (AVoD) is free of charge to viewers
and is financed by placing advertisement within the video programming or by
displaying advertisement on the online platforms (FCC, 2017; EAO, 2014). The AVoD
business model can be seen as an example of a platform market (or the so called twosided market) as they have two different groups of customers (users of the platform on
one side and the advertisers on the other) that provide each other with network benefits
through internalizing indirect network externalities. A positive indirect network
externality arises with the rising number of users of AVoD as they constitute the
potential turnover of the advertising entities. Since the utility of users from the
increasing amount of advertisement is likely to be lower than the utility of advertisers,
users are compensated by the platform in terms of free access to the video content
(Budzinski and Lindstädt-Dreusicke, 2018). An example here would be the video
platform YouTube.
Subscription-based video on demand (SVoD) is a service which for a monthly
flat rate provides an unlimited access to a wide range of video content that is accessible
through a video library. The subscription can be cancelled anytime which serves as a
motivation for the streaming platforms to improve the technology and to broaden the
video content offer in order to retain or attract new customers (FCC, 2017; EAO, 2014).
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Among the subscription-based streaming services that are accessible in the Czech
Republic mainly Netflix, HBO GO and Amazon Prime Video can be named.
The last two business models belong to a category of Transaction video on
demand as the customer pays for each video unit individually. Electronic sell-through,
also called a digital retail, is a monetisation model in which the customer purchases a
video unit for a one-time fee. This unit is downloaded directly from the platform,
becomes the user’s possession and can be rewatched unlimitedly. The rental business
model on the other hand enables for a one-time fee to access a given video within a
limited time period. Apple’s iTunes store can be named as a representative of
Transaction video on demand (FCC, 2017; EAO, 2014).
The main focus of this thesis lies on the platforms providing the subscription
video on demand which is the fastest growing segment of the market for VoD. The
reason behind it is the consumers’ preference for an access to broad content over the
actual possession of video content. According to the European Audiovisual Observatory
(2019) there were 53.9 million SVoD subscriptions in the EU in 2017 of which 80%
were assignable to Netflix and Amazon. Revenues from these two providers constituted
74% of all SVoD revenues in the European Union.

1.4 Situation on the Czech video marketplace
Thanks to the digitalization and massive spread of the Internet to households, the
behaviour of Czech consumers has changed in the last decades not only on the
audiovisual market itself, but also in other spheres of the cultural industry including
books, print, music or videogames. Based on the statistical data, 86% of Czech
households were connected to the Internet in 2018, which is almost double compared to
the year 2008, and 70% of Czech citizens used Internet on a daily basis. Practically the
same percentage of population lived in a household with a personal computer (Czech
Statistical Office (CZSO), 2019). In 2017 roughly 70% of the population used the
Internet to read online newspapers or magazines, and 20% used it for downloading or
playing video games. Regarding the audiovisual content, 4% of the population paid at
least once via Internet to watch video content online (CZSO, 2018).
In 2014 the company Millward Brown conducted an analysis of the Czech
audiovisual market for the Czech Audiovisual Producers' Association. Based on a
representative sample of respondents between 15 and 70 years of age it was found that
87% of interviewees paid for some kind of audiovisual content during the previous year.
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While most of the respondents (72%) purchased a cinema ticket, only 26% of people
paid for a video download or an online video view.
Shortly after the Velvet Revolution the cinema city attendance dropped
dramatically mainly as a consequence of the expansion of cable television and the
increase in the supply of possible free time and entertainment activities (Mošna, 2010).
The theatre attendance stabilised around the year 1995 and hit 15.2 million visitors in
2017 (CZSO, 2018). Although the movie theatres lead the ranking of popularity among
respondents, the frequency of cinema city visits rather decreased with price stated as the
main driver of discouragement (Millward Brown, 2014).
The Millward Brown study also showed that almost half of the respondents
watched an audiovisual content on the Internet during the year preceding the study,
predominantly foreign movies, but the absolute majority of such content was
downloaded illegally. While 67% of those who watched an online content used sites
such as Ulož.to, RapidShare or Sdílej.cz, only 13% of these respondents used legal
online libraries such as HBO GO, VOYO or O2 TV. The low motivation to pay, which
is driven by the prevailing opinion that there is no need to pay for an online content
when it is accessible for free (the so called free-mentality phenomenon), is the main
reason for such an extensive acceptance of illegal downloading (Millward Brown,
2014).
Similar to the development on the world market, the popularity of physical
media such as DVD or Blu-ray is declining among Czech citizens and the attention
especially of the younger generation is turning towards online video distributors
(Szczepanik et al., 2018). Nevertheless, Czech Republic still takes the last place among
EU countries concerning the SVoD such as Netflix. The Czech statistical office reports
in the Information society on figures (2019) that in 2018 only 4% of Czech population
used SVoD compared to the European average of 26%. More common among Czech
citizens is to watch video content on websites of television stations (such as iVysílání,
Nova Plus, iPrima) or on platforms similar to YouTube that were used by almost every
other person (CZSO, 2018). Despite these statistics, the OVDs are motivated to invest in
production of local content which proves that the user base is big enough. Netflix for
instance took its share in financing the Czech movie Milada and HBO produced the
miniseries The Burning Bush or Wasteland (Szczepanik et al., 2018).
TV stations that provide to some extent their video content free online are e.g.
Czech Television, TV Nova or TV Prima. Both commercial stations Nova and Prima
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also offer premium subscription accounts on VOYO and iPrima respectively. Since
2016 Netflix dominates the subscription-based streaming platforms provided by online
video distributors (CZSO, 2018). However, there are no official data to this date on the
exact number of subscribers of these services2.

1.4.1 SVoD in the Czech Republic
Not only the WTP for streaming services itself but also the price that
respondents would be willing to pay for such services will be empirically analyzed by
this thesis. Therefore the main SVoD currently available on the Czech video market will
be shortly introduced with price being in the centre of our interest.
There are three main foreign SVoD providers operating in the Czech Republic,
namely Netflix, HBO GO and Amazon Prime Video. Netflix came in 2016 and as of
April 2018 it offered around 3800 titles. The number of titles with the Czech language
support ranges already in hundreds (Vyskočil, 2018). Netflix currently offers three
subscription plans that vary in the number of devices that can be simultaneously used
for watching the content and the resolution. The basic plan with one device and a
standard SD quality costs 199 CZK per month, two devices with HD quality 259 CZK
and four devices with ultra-HD quality 319 CZK. Netflix offers one-month free trial or
the possibility to download part of the content to watch offline (Netflix, 2019).3
Amazon Prime Video offers only one plan for 5.99 EUR per month (around 153
CZK)4 with first six months of the subscription for 2.99 EUR (around 77 CZK). The
spectators can watch on up to three devices simultaneously and watch the content
offline (Prime Video, 2019).5 The support of the Czech language is very limited with
only dozens of titles in total (Sedlák, 2018).
The subscription at HBO GO amounts to 129 CZK per month with a one-month
free trial. The spectators can watch on up to two devices simultaneously, the resolution
depends on the internet connection speed or the device used. The big advantage of HBO
GO is the full support of the Czech language for all titles and the Czech user interface.
2

The number of subscribers of SVoD services can be only estimated. Tomáš Vyskočil, the provider of the
online portal about VoD platforms, estimated that in 2018 there were 50 000 subscribers to the Czech
version of Netflix, 30 000 subscribers to the Czech biggest SVoD platform VOYO and 200 000
subscribers to HBO who also have access to HBO GO. However, the number of active users of HBO GO
is expected to be much lower (Brychta, 2018; Szczepanik et al., 2018; Vyskočil, 2018).
3
More information can be found on the Netflix official webpage at https://help.netflix.com/en/
4
Based on the exchange rate of 25.59 CZK/EUR announced by the Czech National Bank on 12th July
2019
5
For more information visit https://www.primevideo.com/help/ref=dvm_MLP_EU_help
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The offline regime is however not supported. The library contains around 800 movies
and 6 200 TV shows episodes from the original HBO productions as well as content
from other suppliers (HBO GO, 2019).6
An interesting concept is the one of the streaming platform MUBI with the
subscription of 199 CZK per month and 7-day trial period. Every day a new movie is
added to the library and the spectator has exactly 30 days to watch it with the possibility
to watch offline (MUBI, 2019).
Among the main Czech SVoD belongs the video portal VOYO and iPrima that
are provided by the two main commercial broadcasting stations TV Nova and Prima
respectively. The subscription at VOYO amounts to 159 CZK per month with a 7-day
free trial period. In total around 2000 movies and TV shows are offered. The main part
of the content is the complete library from the TV Nova production with not yet aired
episodes of TV shows, sports broadcasts and live broadcasting (VOYO, 2019). The
price of the ad-free premium account at iPrima depends on the length of the subscription
period – 1 month for 59 CZK, 6 months 299 CZK and 12 months 549 CZK (iPrima,
2019).

6

For more information visit https://helpcenter.hbogo.eu/cs
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2. Literature review
2.1 Willingness to pay
Both consumers’ and corporate decisions are driven by the key marketing
variable – price, which is traditionally determined by microeconomic concepts of price
elasticity and demand curve. These two concepts are applied when generalizing the
WTP for the whole population. From the perspective of a single consumer the
customization of prices needs to be considered (Le Gall-Ely, 2009). In this context the
concept of WTP is related to the term reservation price which is the person’s maximum
WTP that makes the consumer just indifferent between two outcomes – either paying
the reservation price to purchase the given good or keeping the money without purchase
(Varian, 2009). In other words, it is the highest price for which the customer still agrees
to purchase the given good (Wertenbroch & Skiera, 2002).
Proper understanding of the concept of WTP is essential not only in the pricing
decisions of the marketing and managerial branches but for the product development
itself. Applying pricing strategies that do not fully reflect the knowledge of customers’
WTP might thus lead to the non-fulfilment of the profitability potential of the product
(Breidert et al., 2006). Mispricing can occur in both directions. While higher prices can
be corrected eventually, lower prices have a negative impact not only on companies’
revenues and profits but also on the perceived market value of the offered good. The
reason for this undervaluation might dwell in the companies’ intention to quickly catch
a high share of the market (Marn et al., 2003). On the effect of correct estimation of
WTP on proper pricing, there is a consensus among numerous researches including
Balderjahn (2003) or Monroe (2003).
A related concept from the microeconomics consumer theory that should be
mentioned is the willingness to accept (WTA) which stands for the minimum
compensation which is demanded in order to give up a certain good or endure
something negative. Even though the economic models consider both concepts to be
equal, the experimental evidence suggests that people tend to value goods more when
they own them rather than when they do not (Hoffman and Spitzer, 1993). The
WTA/WTP ratio was in the centre of attention of many researchers. Shogren et al.
(1994) found the evidence that the ratio decreases with the availability of close
substitutes of a certain good. The dependency of the ratio on both the income and the

17
substitution effect was also claimed by Hanemann (1991). According to Horowitz and
McConnell (1999), the discrepancy between WTA and WTP is the largest in case of
public and non-market goods, slightly decreases for ordinary private goods and reaches
the lowest level for any forms of money.

2.2 Methods of measuring the WTP
Many different approaches can be found towards classification of methods of
measuring WTP in the existing literature. Breidert et al. (2006) uses the classification
which is primarily based on the way the data are collected. The customer’s price
information can either be elicited based on a survey, providing the customer’s stated
preferences, or through a price-response via market observations or experiments, which
yields the revealed preferences of customers (Breidert et al., 2006). Similar approach
concerning the possible instruments for acquiring WTP has Sattler and Nitschke (2003)
who, besides stated and revealed preference data, add purchase offers primarily in form
of auctions and lotteries as a third instrument. Balderjahn (2003) differentiates between
methods that yield private WTP or aggregate price information. According to
Wertenbroch & Skiera (2002) the methods of measurement differ mainly in the extent
to which the true consumer’s WTP can be revealed (incentive compatibility) and how
well these methods simulate the given point-of-purchase context (point of purchase
realism). We will now introduce the main techniques and WTP measurements while
mainly following the classification of Wertenbroch & Skiera (2002) including market
transactions, surveys, Vickrey auctions and BDM lotteries.
As already stated, WTP can be estimated based on a price-response or survey
data. The advantage of market transactions is that they take place in a real purchase
environment with realistic conditions which contributes to both external validity and
incentive compatibility (Wertenbroch & Skiera, 2002). However, the level of external
validity might be much lower in case of laboratory experiments, that are performed in
more artificial environment compared to field experiments or market observations.
Subjects of this experiment are given an amount of money that they can either spend on
given goods or keep. Given the awareness of the artificial set-up, the consumers might
behave more rationally compared to real purchase situations. In a field experiment the
consumer’s reactions to changes in prices are observed, however its drawbacks are
higher expenditures and time to get results (Breidert et al., 2006). The main
disadvantage of this method is that, in fact, the true WTP of a consumer is not revealed.
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The experiment can only reveal whose WTP is lower or higher in relation to the stated
price (Wertenbroch & Skiera, 2002).
Estimation of WTP based on revealed preferences might not be always
appropriate due to limited budget or the nature of the good as it is the case of nonmarket public goods or products in a development phase. In direct surveys the subjects
are usually explicitly asked about their WTP. In case of indirect surveys, the WTP is
derived based on expressed preferences about a certain product (Breidert et al., 2006).
Common methodology of indirect surveys is a conjoint analysis - a method used to
determine the preference for certain features or attributes of a given good. The
preferences are usually expressed through ranking or rating based on which the WTP is
evaluated (Le Gall-Ely, 2009). Another possible method is a contingent valuation. In
open-ended contingent valuation the respondents are asked to directly state the
maximum price they would be willing to pay for a given product or service. On the
other hand, closed-ended contingent valuation tries to reveal whether the respondent
would be willing to pay a predetermined price for a given product or a service (Le GallEly, 2009). The drawback of these methods might be lower incentive compatibility due
to the hypothetical set-up (Wertenbroch & Skiera, 2002). A strategic bias might arise
when respondents intentionally overestimate or underestimate their true WTP in order
to affect the price of a product or to conceal own preferences for a certain product
quality (Le Gall-Ely, 2009).
Auctions are a broadly used method for eliciting the consumer’s valuation of a
product. To reveal the true WTP preferences, the Vickrey auction is proposed
(Wertenbroch & Skiera, 2002). The Vickrey auction is a sealed-bid auction in which the
winner of the auction (the highest bidder) receives the auctioned good at a price equal to
the second highest bid. This makes this second-price sealed-bid auction different from
the first-price sealed-bid auction where the highest bidder also pays his bid. While in
this case it is in the bidder’s own interest to underestimate his WTP, in the Vickrey
auctions it is optimal to state the true WTP (Varian, 2009; Vickrey 1961). This method
is thus incentive-compatible as the winner of an auction must buy the good which was
auctioned off. However, the external validity of the Vickrey auction might be limited as
well. The bidders might overstate their WTP as they are competing for a limited supply
of products (Wertenbroch & Skiera, 2002).
Finally, the Becker, DeGroot and Marshak (BDM) method is not only incentivecompatible but also stimulates the point-of-purchase context as the experiment takes
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place in a real purchase environment. All participants are asked to state the maximum
price which they would accept. The buying price is then randomly determined out of all
offered prices, leaving those who offered a higher price with the obligation to buy the
product at the determined price. On the contrary, participants with a lower offered price
cannot purchase the good. The optimal strategy here is to state one’s true WTP. This
kind of experiment is low cost and the real purchase location should limit the WTP
overestimation from the Vickrey auction. An overestimation might occur in the case of
participation fees being given to the participants (Wertenbroch & Skiera, 2002).

2.3 Related WTP studies
In this section the previous studies related to the topic of willingness to pay for
streaming services will be introduced. Despite the changes on the video marketplace,
the available literature related to this topic is rather limited. I will therefore also present
some studies from the area of online content in general, some of which served as an
inspiration for this thesis mainly in the process of the development of the questionnaire
or in the choice of methodology used.
Motivated by the increased video consumption through OTT services with
Netflix as the leading OTT provider, Kim et al. (2017) studied the WTP for OTT
services among Chinese and Korean costumers. For data collected by two online
surveys they used conjoint analysis as the main methodology to uncover the importance
of product attributes affecting WTP - recommendation systems, resolution, viewing
options and price. While Chinese respondents valued most the resolution and were
willing to pay for their proffered service on average 3.4 USD, Koreans ranked first the
recommendation system and their average WTP was 3.1 USD.
Nysveen & Pedersen (2006) conducted a survey among Norwegian and Swedish
customers of an online movie service that worked on the price-per-view basis. Based on
the BDM method, they tried to estimate the customers’ perception of a fair price for an
offered movie and their WTP. An observability, compatibility and perceived enjoyment
were revealed as the most important factors affecting the consumers’ intention to use
this service. Their importance however differs based on age, gender or education of a
participant.
Sudtasan & Mitomo (2017) studied how the WTP for fiber-to-the-home (FTTH)
is affected by the usage of the OTT streaming services. The analyzed data revealed that
the WTP is high especially in the case of movies streamed through the Internet. This
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study also suggests the policy support of broadband penetration to face the increasing
demand for OTT services driven by their rapid expansion.
Irandoust (2018) in his study tried to uncover the factors that influence the
demand for cinema among Swedish population. As significant factors affecting the
demand were found demographic variables including age, gender, marital status, level
of education and income as well as critical reviews, word of mouth and customer’s own
WTP.
An interesting study conducted by Drevs (2013) concerns the pay-what-youwant option for publicly subsidized movies whose artistic merit usually outweighs the
economic considerations. When this pricing method is applied, the spectator may
voluntarily decide whether and what price he pays for the cinema visit. Based on his
satisfaction, he can adjust his ticket price after the screening. For the above mentioned
group of movies, which are typically unknown or alternative, the empirical analysis
revealed the benefits of the pay-what-you-want option over the fixed ticket price that lie
in the higher audience satisfaction and higher self-generated revenues. Drevs (2013)
suggests using this method to increase attendance of similar movies and support the
word-of-mouth effect.
Another study directly dealing with the expansion of SVoD was conducted by
McKenzie at al. (2019). In stated-preference choice experiments and via surveys they
found a disruptive effect of SVoD on other traditional movie consumption alternatives –
both legal and illegal. These alternatives were defined by a common set of attributes
connected to viewing quality, prise, release day and punishment probability and fine for
the case of illegal alternatives. The importance of some alternatives such as cinema or
free-to-air TV was, however, found to be still present. The WTP estimates proved to be
higher than the current SVoD prices resulting in a considerable consumer surplus which
explains the extensive adoption of SVoD worldwide. The study also unveiled the direct
relationship between the ex-ante interest for a certain video content and WTP estimates,
substitution effects and consumer’s utility of product attributes.
Khanna (2017) tried to find the reasons that stand behind the low willingness to
subscribe to Netflix after its launch in India in 2016. The research identified the main
factors affecting low subscription rates to be the preference for free online content over
paid services, lack of local and regional content available on Netflix and nonavailability of preferred payment options. The effect of low internet speed proved to be
insignificant.
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The empirical study conducted by Lee et al. (2018) focused on the factors that
have an impact on adoption of cable television and online streaming subscriptions. They
analyzed survey data in two multivariate regression models, both of which yield
significant results. Factors that are significant when choosing cable TV are: cost,
negative effect of social trend, additional purchase and customer service. In case of the
model for streaming subscriptions, only the factors social trend and available media
options were found significant, media options only marginally significant. Marginal
impact on streaming showed age as the only demographic variable.
Cha and Chan-Olmsted (2012) studied the possible cannibalization effect of
online streaming services on cable television. The main question was whether digital
media would complement or substitute the traditional medium. In an online survey they
asked the respondents about their motivation to watch video content. The main
methodology used was ANOVA together with principal components exploratory factor
analysis. The research revealed that non-users of streaming services are more prone to
consider cable television and online platforms to be substitutes.
Based on the theory of planned behaviour and the technology acceptance model,
Cha (2013) tried to examine the effect of consumers’ related factors and characteristics
of online video platforms on the consumers’ intention to use television and online
platforms. The study suggests that the chance of using the online platform for video
content increases with the functional uniqueness of the online platform – or in other
words, with the perceived difference of TV and online platform in satisfying needs.
Factors that have a significant effect on the intention to use online platforms are the
perceived ease of use of the platform, relative advantage and compatibility which is
simultaneously the most important predictor. Even though the study revealed
substitutability between internet platforms and TV, this substitutability did not show to
have a negative effect on the consumers’ intention to use television. The chance of
using TV however decreases with the relative advantage and compatibility of internet
platforms.
In the context of emergence of fee-based services Ye et al. (2004) tried to unveil
the WTP for online services that used to be free. According to this study, the WTP is
affected by the perceived value of convenience provided by these services, the extent of
utilization and perceived quality of online services over free services. The study also
pointed out the prevailing free-mentality problem. A similar study dealing with the
consumers’ intention to switch from free to paid online content was conducted by Li
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and Cheng (2014) or Punj (2015). Based on a sample of internet users Punj (2015)
showed that while the WTP for digital content depends on age and gender, the estimated
amount paid depends more on income and education.
There has been extensive literature written on the topic of music streaming
services. For instance Aguiar (2015) found that music streaming service Spotify reduces
track sales and simultaneously displaces music piracy. The overall revenue of the
recorded music industry, however, stays unaffected.
Lin et al. (2013) tried to investigate the WTP for online content under the
prevailing “online content for free” mentality. Based on survey data and regression
analysis Lin et al. (2013) revealed the negative effect of the free-mentality phenomenon
on consumers’ paying intentions and their WTP for online music services.
Based on a telephone survey of American citizens Goyanes (2014) studied the
factors that affect the WTP for online news. Choosing the logistic regression as a main
methodology, the study revealed the significant factors to be income, age, a previous
purchase of a digital product such as video content or e-books and the use of media. On
the other hand, the variables gender and previous purchase of other digital products such
as video games or music did not yield significant results.
Vala (2015) focused on the consumers’ willingness to pay for online news in the
Czech Republic. Based on data collected via questionnaire and analyzed with logistic
regression it was found that internet and news usage, gender, occupation, previous
online payments and payments for newspapers significantly affect the probability of
purchasing online news. This study also revealed that consumers value the printed
newspaper more than its digital version.
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3. Data and Hypothesis
3.1

Data collection
As a method of obtaining the desired data an online survey via self-developed

questionnaire was chosen. As the literature review in chapter 2.3 suggests, an online
survey is a common and popular way of collecting data on consumer preferences. The
main advantages of online surveys include the fact that the data collection is fast,
convenient and not costly.
A total of 589 responses were collected in the beginning of June 2019. The
online questionnaire was comprised of 30 questions and it took approximately three
minutes to complete. The main distribution channels were social media and e-mail. As
all questions were mandatory, the completeness of the dataset was ensured.
However, two drawbacks of data collection via online questionnaire should be
named. Firstly, as the possible respondents can freely choose whether or not they want
to participate in the survey, a self-selection bias might arise. Secondly, online
questionnaires are distributed solely via Internet causing the pool of potential
respondents to be limited on internet users only. This problem can be justifiable by the
fact that this thesis focuses on the online content that is purchased and used online. Yet
the sample will not reflect the whole population. In order to approach more the random
sample, one fourth of the responses was randomly selected and removed. The
questionnaire with its English translation can be found in Appendix 1.

3.2

Data analysis
After the data were collected, a data cleaning procedure followed in which a

total of 12 answers had to be removed due to their illogical structure and lack of
credibility. For the reasons mentioned above one quarter of the data was then randomly
selected and removed. The final sample thus consists of 433 observations.
In the final dataset the share of men and women was almost the same with the
share of women being slightly under 50%. The age of respondents ranges from 13 to 79
years. The average age is 25 and both the median and the most frequently reported age
is 24. The distribution of age across sample population is presented in the graph 3.1.
When it comes to the highest achieved level of education, almost 51% of respondents
reported university level and 47% finished their studies with high school. Only 2% of
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respondents have only elementary education. The largest part of the sample is
represented by students with 65%, in second place are the employed with almost 30%.
Self-employed, unemployed and retired persons represent around 4%, 0.5% and 0.7%
respectively. Due to the low representation of certain occupation groups and for the
purpose of the following empirical analysis, the unemployed and retirees were merged
to form the economically inactive (1%) while the employed and self-employed
represent the economically active part of the sample (34%). With the occupation also
corresponds the distribution of income as 51% of respondents earn less than 10 000
CZK. 19% have an income in a range of 10 001 to 20 000, 16% earn between 20 001
and 30 000 CZK. The income level of 30 001 – 50 000 CZK and more have 9% and 4%
of respondents respectively. Also here an adjustment was made when merging the last
two income groups into a category of more than 30 000 CZK in order to achieve a better
distribution. The majority, that is 92%, does not have children. Around 7% of
respondents have a child in a common household while more than 1% do not share a
household with their children. The summary of the demographic factors is presented in
the table 3.1.
Graph 3.1: Histogram of age

Source: Author based on survey data
The first three questions in the questionnaire find the familiarity with and the
usage of streaming services. The exact findings are summarized in table 3.2. The
absolute majority, namely 98%, know at least one of the main streaming services
available in the Czech Republic (Netflix, HBO GO, Amazon Prime Video, MUBI,
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VOYO, iPrima, Nova Plus, iVysílání) while 7 respondents are not familiar with any of
the listed services. Almost 36% of respondents reported that they are paying for at least
one subscription-based streaming service. On top of that, almost 9% of respondents
have 2 different subscriptions and 2% even pay for 3 streaming services simultaneously.
Not surprisingly, Netflix and HBO GO are the most popular platforms to which
subscribe 24% and above 19% of respondents respectively. Amazon Prime Video
placed third with a great distance with only 11 subscribers (2.5%). Data also suggest a
low popularity of streaming platforms provided by Czech broadcasting stations with
iPrima and VOYO having slightly above 1% of subscribers in our sample. While only
15% of persons asked never watch television programs free online (e.g. from iVysilani,
Nova Plus, iPrima), 56% watch it only occasionally and above 29% reported to watch
free content often.
Table 3.1: Demographic data
Variable
Gender
Male
Female
Age
13 – 22
23 – 30
31 – 50
51 +
Education
Elementary
High school
University
Occupation
Student
Economically active
Economically inactive
Income
0 – 10 000 CZK
10 001 – 20 000 CZK
20 001 – 30 000 CZK
30 001 – 50 000 CZK
50 000 CZK +
Children
No
In common household
Outside common household
Source: Author based on survey data

Frequency

Percentage

217
216

50.12
49.88

167
217
41
8

38.57
50.12
9.47
1.85

9
204
220

2.08
47.11
50.81

281
147
5

64.90
33.95
1.15

221
83
70
41
18

51.04
19.17
16.17
9.47
4.16

397
30
6

91.69
6.93
1.39
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Table 3.2: Familiarity of and subscription to streaming platforms
Platform
Amazon Prime Video
HBO GO
iPrima
iVysílání
MUBI
Netflix
Nova Plus
VOYO

Know the platform
Frequency
Percentage
214
49.42
360
83.14
315
72.75
345
79.68
7
1.62
390
90.07
248
57.27
356
82.22

Subscribe to the platform
Frequency
Percentage
11
2.54
84
19.40
6
1.39
1
0.23
103
23.79
5
1.15

Source: Author based on survey data
Other examined factors were the previous purchase of an electronic movie or a
physical medium, previous online payments, attitude towards downloading video
content and the frequency of watching video content and cinema visits in the past year.
The summary of these variables is presented in table 3.3. More than 6% of respondents
bought an electronic movie in the last year, 8% purchased a physical medium such as
DVD or Blu-ray and 2% invested in both. The vast majority (almost 88%) did not buy
either of these media. Simultaneously, more than 77% of persons asked download video
content from the Internet. Over 80% of the survey participants paid via Internet within
the last three months. On the question on the range of hours spent watching video
content per week, almost 56% of respondents answered 1-7 hours, while 8-14, 15-21
and more than 21 hours per week are devoted to watching video content by nearly 31%,
10% and 4% of respondents respectively. Concerning the frequency of cinema visits,
21% of the survey participants went to the cinema at most once in the past year, 2 to 5
times visited the cinema 54% and more than 6 times 25% of respondents.
The following questions aimed at the interviewees’ preferences for video
content. The absolute majority of respondents (83%) prefer the original sound to
dubbing. Simultaneously, only 15% of respondents favour the Czech movie production
while 85% have a preference for the foreign movie production. When asked the
question about the perceived importance of having available commercial TV channels
(e.g. TV Nova, Prima), 25% of respondents answered yes while 75% stated no. Movies
and TV shows are the preferred content to 84% of people, news and sports to 13% and
TV competitions and entertainment broadcasts to nearly 3% of respondents. Further,
almost 68% of respondents watch TV shows more often than movies. We were also

27
interested in the devices on which video content is watched. Television is used by 54%
of respondents, computer or laptop by more than 91%, 34% of respondents use tablet or
smartphone and about 2% some other device. Moreover, only one specific device is
used by 35% of interviewees, two different devices 49%, three devices nearly 16% and
only one respondent uses 4 different devices to watch video content.
The last group of questions examined the extent of agreement with given
statements on a four point scale ranging from absolute agreement (value 1) to absolute
disagreement (value 4)7. The majority of survey participants (93%) expressed an overall
agreement with the statement about the perceived importance of picture and sound
quality with a mean value of 1.53. 72% of respondents admitted being interested in
movie ratings before they watch the given title with a mean value of 2.06. A
disagreement with the statement about being satisfied with the content offered by
common television stations was expressed by 84% of the survey participants (mean
value of 3.2). Choosing a movie from a large library or an extensive DVD collection
can be a complicated and lengthy task. Some VoD platforms have developed a
recommendation system to help its customers discover video content they might like.
An access to customized content would be appreciated by 65% of respondents with a
mean value of 2.19. The minority of the sample (22%) agrees that it suits them to watch
video content at a time set by television (mean value of 3.23). Nearly 82% of
respondents expressed an agreement with the statement that they want to have a
possibility to watch video content anywhere even away from home with a mean value of
1.68. Finally, the vast majority (91%) agrees to be bothered by commercials during
broadcasting with a mean value of 1.37. The exact findings on these Likert four point
scale data are presented in table 3.4.

7

For the exact formulation of questions 16-22 see the questionnaire in Appendix 1
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Table 3.3: Relevant factors and data on consumers’ preferences
Variable
Frequency
Percentage
Past purchase of
Physical medium (DVD/Blu-ray)
35
8.08
Electronic movie
28
6.47
Both
9
2.08
None
379
87.53
Online payment in the past 3 months
Yes
347
80.14
No
86
19.86
Download video content
Yes
335
77.37
No
98
22.63
Watching video content (hours/week)
1–7
241
55.66
8 – 14
134
30.95
15 – 21
42
9.70
More than 21
16
3.70
Cinema visits
Maximum 1
89
20.55
2–5
235
54.27
More than 6
109
25.17
Prefers...
Original sound
359
82.91
Dubbing
74
17.09
Prefers...
Czech movie production
66
15.24
Foreign movie production
367
84.76
Perceived importance of having available commercial TV channels
Yes
107
24.71
No
326
75.29
Preferred content
Movies and TV shows
365
84.30
News and sports
57
13.16
TV competitions/entertainment shows
11
2.54
Watch more often...
Movies
140
32.33
TV shows
293
67.67
Devices used
Television
232
53.58
PC/ Laptop
395
91.22
Tablet/ smartphone
149
34.41
Other device
10
2.31
Number of devices used
1 device
150
34.64
2 devices
214
49.42
3 devices
68
15.70
4 devices
1
0.23

Source: Author based on survey data
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Table 3.4: Likert scale data
Variable
1
2
3
Perceived importance of picture and sound quality
Frequency
241
161
24
Percentage
55.66
37.18
5.54
Being interested in movie ratings before the given title is watched
Frequency
130
182
84
Percentage
30.02
42.03
19.40
Being satisfied with the content offered by common broadcasting stations
Frequency
11
58
198
Percentage
2.54
13.39
45.73
Preference for access to customized content
Frequency
120
163
99
Percentage
27.71
37.64
22.86
Being satisfied with watching video content at a set time
Frequency
21
76
120
Percentage
4.85
17.55
27.71
Preference for access to video content anywhere
Frequency
235
119
61
Percentage
54.27
27.48
14.09
Being bothered by commercials during broadcasting
Frequency
326
69
21
Percentage
75.29
15.94
4.85

4
7
1.62
37
8.55
166
38.34
51
11.78
216
49.88
18
4.16
17
3.93

Explanation: 4 point scale variables with 1 = absolute agreement with a given
statement, 4 = absolute disagreement
Source: Author based on survey data
One of the questions in the questionnaire was built to examine the maximum
price that a respondent would be willing to pay for a video streaming service with a
concept similar to Netflix, HBO GO or Amazon Prime Video8. The stated prices were
ranging from 0 to 1000 CZK and the survey participants would be willing to pay for
such service on average 182 CZK. This number is reasonable and roughly corresponds
to the actual prices of SVoD. Even though the subscription price at Netflix is higher
than the stated average and starts at 199 CZK, a consumer would currently pay for one
of these three services on average approximately 160 CZ9. Both the median and the
most frequently stated price was 200 CZK which was given by almost 18% of
respondents. On the other hand, almost 17% of survey participants would not be willing

8
9

For the exact formulation of the question see chapter 3.3.1 or questionnaire in Appendix 1
For the calculation the basic subscription at Netflix and the long-term subscription at Amazon were used
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to pay anything for such a streaming service. The exact distribution of stated prices is
depicted in the graph 3.2.
Graph 3.2: Histogram of stated prices for streaming services

Source: Author based on survey data

3.3

Variables and hypothesis
In this section the variables that will be used in the regression analysis will be

presented. Their choice was partly influenced by previous studies from section 2.3.

3.3.1 Dependent variable
The key dependent variable WTP that will be used in the econometric logit
model measures the willingness to pay for subscription-based streaming services. The
survey participants were familiarized during the survey with the concept of
subscription-based streaming services such as Netflix, HBO GO or Amazon Prime
Video in the following way:
Netflix, HBO GO and Amazon Prime Video are conceptually similar streaming services
that for a monthly fee offer:
➢ Up to thousands of foreign and Czech movies and TV shows
➢ Possibility to watch all of the offered content practically on any device
with internet connection anytime and anywhere
➢ Ad-free
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➢ Own titles from original production (e.g. Game of Thrones, House of
Cards, Manchester by the Sea, Stranger Things, Orange is the New
Black, Band of Brothers, True Detective, The Grand Tour, Bosch,...)
➢ Possibility to cancel the subscription anytime
The services differ mainly in the quantity of titles offered, quantity of titles with Czech
dubbing or subtitles and in the price.
The respondents were then asked the question “Would you be willing to
subscribe to a service with such a concept, or continue to subscribe?”. The possible
answers were set up on a 4 point scale including “Definitely yes”, “More likely yes”,
“More likely no” and “Definitely no”. The variable WTP was then created in the
following way. The first two answers were assigned the value 1 which implies the
willingness to pay for such a service. The last two answers were assigned the value 0
which, on the other hand, implies the unwillingness to pay. WTP is thus a binary
variable with possible values 1 or 0.
Besides the variable WTP expressed on a Likert scale the respondents were also
asked about the maximum price which they would be willing to pay for a streaming
service with the above described concept. The dependent variable Price is thus a
continuous variable measured in Czech Koruna.

3.3.2 Independent variables
Relevant data
To start with, we have two binary variables Physical medium and Electronic
movie that take value 1 if the respondent has bought in the last year a hard medium such
as DVD/ Blu-ray or an electronic movie respectively and 0 otherwise.
Hypothesis 1: Previous purchase of an electronic movie has a positive significant effect
on the WTP.
Hypothesis 2: Previous purchase of a physical medium has a positive significant effect
on the WTP.
Another binary variable Online Payment acquires value 1 if the respondent has
paid via Internet within the last three months and 0 otherwise. Binary variable
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Downloading obtains value 1 if the respondent downloads video content from the
Internet and 0 otherwise.
Hypothesis 3: Previous payments via Internet positively affect consumers’ WTP.
Hypothesis 4: Downloading negatively affects consumers’ WTP.
Next we have two ordinal variables. Variable Time represents the amount of
hours per week spent with watching movies or TV shows. It was constructed in a way
that its values are matched to the lower bound of the respective time interval: 1 for 1 - 7
hours/week, 8 for 8 – 14 hours/week, 15 for 15 – 21 hours/week and 21 for more than
21 hours/week. Cinema indicates the frequency of cinema city visits in the past year. It
represents the set of three binary variables “Maximum one visit”, “2-5 visits” and “more
than 6 visits”.
Hypothesis 5: There is a significant relationship between the amount of time spent
watching movies or TV shows and the WTP.
Hypothesis 6: Frequent cinema visits positively affect consumers’ WTP.
Variable Device obtains values that correspond to the number of different
devices used by the respondent to watch video content.
Hypothesis 7: Consumers that use more devices to watch video content have
significantly higher WTP.
Data on consumers’ preferences
A group of binary variables follows. Original sound acquires value 1 for
consumers who prefer original sound over dubbing. Czech content expresses the
preference for Czech content over foreign movie production with the value of 1 and 0
otherwise. The variable Commercial channels reflects the perceived necessity to have
available commercial TV channels (e.g. TV Nova, Prima) with value 1 and 0 otherwise.
The variable Movies indicates the preference for movies over TV shows with value 1
and 0 otherwise.
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Hypothesis 8: Consumers who prefer original sound to dubbing have significantly
higher WTP.
Hypothesis 9: Consumers who prefer Czech movie production over foreign production
have significantly lower WTP.
Hypothesis 10: Perceived necessity to have available commercial TV channels has a
negative effect on WTP.
Hypothesis 11: Preference for movies over TV shows has a negative effect on the WTP.
A categorical variable Preferred content specifies what type of video content is
preferred by the respondent. It again represents the set of three binary variables “Movies
and TV shows”, “News and sports” and “TV competitions and entertainment shows”.
Hypothesis 12: There is a significant relationship between WTP and a preference for a
certain type of video content.
The following ordinal variables express the degree of agreement with statements
that are related to the properties of subscription-based streaming services. In all cases
the Likert scale is a four point scale where 1 represents the absolute agreement and 4 the
absolute disagreement. These variables will be treated as continuous as we assume that
the intervals between the values are the same.
The variable Quality stands for the importance of a picture and sound quality of
video content. Whether the respondent is interested in the film ratings or reviews before
he watches the respective title is represented by the variable Ratings. Being satisfied
with the content offered by common broadcasting stations (e.g. Czech Television, TV
Nova, Prima) is expressed by the variable Satisfaction. The variable Customized
Content represents the respondents’ desire to have access to customized video content.
Broadcasting time represents the satisfaction with watching television program at a set
time. Whether the respondent wants to have the possibility to watch video content
anywhere even away from home is represented by the variable Spatial independence.
Finally, whether the respondent is bothered by commercials during broadcasting is
expressed by the variable Advertising.
Hypothesis 13: There is a significant relationship between the perceived importance of
picture and sound quality and the WTP.
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Hypothesis 14: There is a positive significant relationship between an interest in movie
ratings and the WTP.
Hypothesis 15: There is a negative significant relationship between a satisfaction with
the content offered by common broadcasting stations and the WTP.
Hypothesis 16: There is a positive significant relationship between a preference for
having an access to customized content and WTP.
Hypothesis 17: There is a negative significant relationship between a satisfaction with
watching television program at a set time and the WTP.
Hypothesis 18: There is a positive significant relationship between a preference for
having the possibility to watch video content anywhere and the WTP.
Hypothesis 19: Consumers who are bothered by commercials during broadcasting
have significantly higher WTP.
Demographic data
Woman is a binary variable that takes value of 1 if the respondent is a woman
and 0 if the respondent is a man. The continuous variable Age is measured in years.
Education is an ordinal variable that measures the highest achieved level of education. It
represents a group of three binary variables “Elementary”, “High school” and
“University”. The categorical variable Occupation also stands for a set of three binary
variables “Student”, “Economically active” and “Economically inactive”. Another
variable is Children which is a binary variable with value 1 for those who have children
in a common household and 0 otherwise. The last variable is Income which expresses
the respondent’s level of after-tax income in 4 possible categories measured in Czech
Koruna: 0 - 10 000, 10 001 – 20 000, 20 001 – 30 000 and more than 30 001.
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4. Empirical model
4.1

Theoretical concepts
The following theory comes from Wooldridge (2013). The key variable that is to

be studied by this thesis is the willingness to pay for streaming services, which is a
binary variable that was described in chapter 3. Due to the limitation of its range of
values, a binary variable falls into a group of the so called limited dependent variables.
The easiest method to estimate this type of a variable would naturally be the usage of
the Linear probability model (LPM) under the Ordinary least squares estimation (OLS)
with the main focus turned towards the response probability
𝐸(𝑦|𝒙) = 𝑃(𝑦 = 1|𝒙).

(4.1)

The LPM has, however, two main drawbacks. First, the fitted probabilities can
take values below 0 or above 1, and second, the partial effects of independent variables
are constant due to the linearity. In order to overcome these limitations it is desirable to
construct a binary response model with the means of a nonlinear function G satisfying
0 < 𝐺(𝑧) < 1 for 𝑧 ∈ 𝑅
𝑃(𝑦 = 1|𝒙) = 𝐺(𝛽0 + 𝛽1 𝑥1 + ⋯ + 𝛽𝑘 𝑥𝑘 ) = 𝐺(𝛽0 + 𝒙𝜷).

(4.2)

There are two most commonly used functions. In the logit model the nonlinear
function G is the logistic function (4.3) and in the probit model G takes the form of the
standard normal cumulative distribution function (4.4).
𝐺(𝑧) =

𝑒𝑥𝑝(𝑧)
1 + 𝑒𝑥𝑝(𝑧)

(4.3)

𝑧

𝐺(𝑧) = Ф(𝑧) = ∫ 𝜙(𝑣)𝑑𝑣 , where 𝜙(𝑧) = (2𝜋)
−∞

−1/2

𝑧2
𝑒𝑥𝑝 (− )
2

(4.4)

The derivation of both logit and probit model can be done by using a latent
variable
𝑦 ∗ = 𝛽0 + 𝒙𝜷 + 𝑒, 𝑦 = 1[𝑦 ∗ > 0].

(4.5)

For the estimation of nonlinear response models, the maximum likelihood
estimation (MLE) is used. The consistency, asymptotical normality and asymptotical
efficiency of the maximum likelihood estimators are assured under general conditions.
For more information and exact derivations see Wooldridge (2013).
Both logistic and standard normal cumulative distribution function are similarly
shaped and both are strictly increasing, most rapidly at zero. For 𝑧 → − ∞, 𝐺(𝑧) → 0
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and for 𝑧 → + ∞, 𝐺(𝑧) → 1. Therefore

𝑑𝐺
𝑑𝑧

(𝑧) = 𝑔(𝑧) is positive, where 𝑔(𝑧) is the
𝑒𝑥𝑝(𝑧)

standard normal density (probit model) or 𝑔(𝑧) = [1+𝑒𝑥𝑝(𝑧)]2 in case of logit model.
That is an important property when interpreting the effects of explanatory
variables on the response probability. In case of 𝑥𝑗 being a continuous variable, its
partial effect on the response probability can be expressed as
𝜕𝑃(𝑦 = 1|𝒙)
= 𝑔(𝛽0 + 𝒙𝜷)𝛽𝑗 .
𝜕𝑥𝑗

(4.6)

The direction of the partial effect thus solely depends on the sign of 𝛽𝑗 . For a
binary variable 𝑥1 the partial effect of the change in the value from 0 to 1 is ceteris
paribus equal to
𝐺(𝛽0 + 𝛽1 + 𝛽2 𝑥2 + ⋯ + 𝛽𝑘 𝑥𝑘 ) − 𝐺(𝛽0 + 𝛽2 𝑥2 + ⋯ + 𝛽𝑘 𝑥𝑘 ).

(4.7)

The interpretation of results is in comparison to the standard LPM more
complicated as the effect of 𝑥𝑗 depends on other explanatory variables. There are two
common methods of obtaining the magnitudes of the effect. The first method is the
so-called partial effect at the average (PEA) which is based on replacing every
explanatory variable with its sample average. The partial effect of 𝑥𝑗 on the response
probability is thus calculated as
̂ )𝛽̂𝑗 = 𝑔(𝛽̂0 + 𝛽̂1 𝑥̅1 + ⋯ + 𝛽̂𝑘 𝑥̅𝑘 )𝛽̂𝑗 .
̅𝜷
𝑔(𝛽̂0 + 𝒙

(4.8)

The second method averages the marginal effects across the whole sample. The
average partial effect (APE) of 𝑥𝑗 on the response probability is then obtained as
𝑛

𝑛

−1

̂ )𝛽̂𝑗 .
∑ 𝑔 (𝛽̂0 + 𝒙𝒊 𝜷

(4.9)

𝑖=1

PEA is suitable when we are interested in the marginal effect for the “average”
person in the sample. However, the reasonability behind averaging the binary variables
is questionable and APE is preferred in that case.
However, the situation is more complicated in case of discrete variables as both
PEA and APE are derived based on calculus approximations assuming the change in 𝑥𝑗
to be marginal (commonly ∆𝑥𝑗 = 1). It can be therefore preferred to use directly the
equation (4.7) for the calculation of the partial effect of changing a discrete variable 𝑥𝑘
from 𝑐𝑘 to 𝑐𝑘+1 . The analogue of the PEA in equation (4.8) and APE (4.9) are equations
(4.10) and (4.11) respectively
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𝐺[𝛽̂0 + 𝛽̂1 𝑥̅1 + ⋯ + 𝛽̂𝑘−1 𝑥̅𝑘−1 + 𝛽̂𝑘 (𝑐𝑘 + 1)]
− 𝐺(𝛽̂0 + 𝛽̂1 𝑥̅1 + ⋯ + 𝛽̂𝑘−1 𝑥̅𝑘−1 + 𝛽̂𝑘 𝑐𝑘 ),

(4.10)

𝑛

𝑛−1 ∑{𝐺[𝛽̂0 + 𝛽̂1 𝑥𝑖1 + ⋯ + 𝛽̂𝑘−1 𝑥𝑖𝑘−1 + 𝛽̂𝑘 (𝑐𝑘 + 1)]
𝑖=1

− 𝐺(𝛽̂0 + 𝛽̂1 𝑥𝑖1 + ⋯ + 𝛽̂𝑘−1 𝑥𝑖𝑘−1 + 𝛽̂𝑘 𝑐𝑘 )}.

(4.11)

In order to test the exclusion restrictions the likelihood ratio (LR) test can be
applied, which has a similar concept to the simple F-test. Having a restricted and
unrestricted model, the LR test measures the size of the decrease in the log-likelihood
function when variables are dropped out of the model. The LR statistics is calculated as
𝐿𝑅 = 2(𝐿𝑢𝑟 − 𝐿𝑟 ) ~ 𝜒𝑞2 ,

(4.12)

where L represents the value of the log-likelihood of the respective models and q equals
the number of exclusion restrictions.
Log-likelihood of the unrestricted model and model with just an intercept enters
also the formula for a goodness-of-fit measure, the McFadden pseudo R2, which will be
used in this thesis
𝑅2 = 1 −

4.2

𝐿𝑢𝑟
.
𝐿0

(4.13)

The logit model
According to Wooldridge (2013) both probit and logit models yield very similar

results. In this thesis the logit model will be used to analyze the effect of explanatory
variables on the respondents’ probability of paying for streaming services. The
empirical model is expressed by equation 4.14. The function G(·) represents the logistic
function introduced in section 4.1.
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𝑃(𝑊𝑇𝑃 = 1|𝒙)
= 𝐺(𝛽0 + 𝛽1 𝑊𝑜𝑚𝑎𝑛 + 𝛽2 𝐴𝑔𝑒 + 𝜷𝟑 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 + 𝜷𝟒 𝑂𝑐𝑐𝑢𝑝𝑎𝑡𝑖𝑜𝑛
+ 𝛽5 𝐶ℎ𝑖𝑙𝑑𝑟𝑒𝑛 + 𝜷𝟔 𝐼𝑛𝑐𝑜𝑚𝑒
+ 𝛽7 𝑃ℎ𝑦𝑠𝑖𝑐𝑎𝑙𝑀𝑒𝑑𝑖𝑢𝑚 + 𝛽8 𝐸𝑙𝑒𝑐𝑡𝑟𝑜𝑛𝑖𝑐𝑀𝑜𝑣𝑖𝑒
+ 𝛽9 𝑂𝑟𝑖𝑔𝑖𝑛𝑎𝑙𝑆𝑜𝑢𝑛𝑑 + 𝛽10 𝐶𝑧𝑒𝑐ℎ𝐶𝑜𝑛𝑡𝑒𝑛𝑡+ 𝛽11 𝐶𝑜𝑚𝑚𝑒𝑟𝑐𝑖𝑎𝑙𝐶ℎ𝑎𝑛𝑛𝑒𝑙𝑠
+ 𝛽12 𝐷𝑜𝑤𝑛𝑙𝑜𝑎𝑑𝑖𝑛𝑔 + 𝜷𝟏𝟑 𝐶𝑖𝑛𝑒𝑚𝑎 + 𝜷𝟏𝟒 𝑃𝑟𝑒𝑓𝑒𝑟𝑟𝑒𝑑𝐶𝑜𝑛𝑡𝑒𝑛𝑡
+ 𝛽15 𝑀𝑜𝑣𝑖𝑒𝑠 + 𝛽16 𝐷𝑒𝑣𝑖𝑐𝑒 + 𝛽17 𝑇𝑖𝑚𝑒 + 𝛽18 𝑂𝑛𝑙𝑖𝑛𝑒𝑃𝑎𝑦𝑚𝑒𝑛𝑡
+ 𝛽19 𝑄𝑢𝑎𝑙𝑖𝑡𝑦 + 𝛽20 𝑅𝑎𝑡𝑖𝑛𝑔𝑠 + 𝛽21 𝑆𝑎𝑡𝑖𝑠𝑓𝑖𝑒𝑑
+ 𝛽22 𝐶𝑢𝑠𝑡𝑜𝑚𝑖𝑧𝑒𝑑𝐶𝑜𝑛𝑡𝑒𝑛𝑡 + 𝛽23 𝐵𝑟𝑜𝑎𝑑𝑐𝑎𝑠𝑡𝑖𝑛𝑔𝑇𝑖𝑚𝑒
+ 𝛽24 𝑆𝑝𝑒𝑐𝑖𝑎𝑙𝐼𝑛𝑑𝑒𝑝𝑒𝑛𝑑𝑒𝑛𝑐𝑒 + 𝛽25 𝐴𝑑𝑣𝑒𝑟𝑡𝑖𝑠𝑖𝑛𝑔)

(4.14)

The empirical analysis will be conducted in R. The bold coefficients represent
the set of corresponding dummy variables of categorical variables.
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5. Results
In this chapter the effect of independent variables on consumers’ willingness to
pay for streaming services will be analyzed and results will be interpreted. The first part
of the empirical analysis is devoted to the regression with the binary variable WTP as
the dependent variable. The effect of independent variables on the probability of
subscribing to streaming services is thus investigated. In the second part of this chapter
the regression on price that the respondents would be willing to pay for such streaming
services is performed. The last part of the empirical analysis further investigates the
price for subscription-based streaming services. From the perspective of a monopoly
provider, the profit maximization price will be calculated.

5.1

Logistic regression
In this section the results of the logistic regression with WTP being the

dependent variable will be presented. As the initial model (4.14) included a high
number of predictor variables, the likelihood ratio (LR) test was performed on several
models to find the best fitted model when uncovering the variables that have a
significant effect on the dependent variable WTP. All tested models can be found in
Appendix 2 and the results of LR tests are summarized in Appendix 3. Table 5.1
presents the results of 4 tested models with model (3) being selected as the best-fitted
one.
The final logit model chosen (3) is expressed by equation (5.1). Compared to the
full model (4.14), the variables Physical Medium, Downloading and Time were not
included as well as the variables representing consumers’ preference: Commercial
Channels, Preferred Content, Quality, Ratings, Customized Content, Broadcasting Time
and Advertising. These variables were not identified as having significantly improved
the model.
𝑃(𝑊𝑇𝑃 = 1|𝒙)
= 𝐺(𝛽0 + 𝛽1 𝑊𝑜𝑚𝑎𝑛 + 𝛽2 𝐴𝑔𝑒 + 𝜷𝟑 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 + 𝜷𝟒 𝑂𝑐𝑐𝑢𝑝𝑎𝑡𝑖𝑜𝑛
+ 𝛽5 𝐶ℎ𝑖𝑙𝑑𝑟𝑒𝑛 + 𝜷𝟔 𝐼𝑛𝑐𝑜𝑚𝑒 + 𝛽7 𝑂𝑟𝑖𝑔𝑖𝑛𝑎𝑙𝑆𝑜𝑢𝑛𝑑 + 𝛽8 𝐶𝑧𝑒𝑐ℎ𝐶𝑜𝑛𝑡𝑒𝑛𝑡
+ 𝛽9 𝐸𝑙𝑒𝑐𝑡𝑟𝑜𝑛𝑖𝑐𝑀𝑜𝑣𝑖𝑒 + 𝛽10 𝐷𝑒𝑣𝑖𝑐𝑒 + 𝛽11 𝑂𝑛𝑙𝑖𝑛𝑒𝑃𝑎𝑦𝑚𝑒𝑛𝑡
+ 𝜷𝟏𝟐 𝐶𝑖𝑛𝑒𝑚𝑎 + 𝛽13 𝑆𝑝𝑎𝑡𝑖𝑎𝑙𝐼𝑛𝑑𝑒𝑝𝑒𝑛𝑑𝑒𝑛𝑐𝑒 + 𝛽14 𝑀𝑜𝑣𝑖𝑒𝑠
+ 𝛽15 𝑆𝑎𝑡𝑖𝑠𝑓𝑖𝑒𝑑)

(5.1)
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The function G(·) stands for the logistic function which was introduced in
chapter 4. The base group, besides the zero valued binary variables, comprises of
university education, economically active, income below 10 000 CZK and maximum 1
cinema visit in the past year. There are 433 observations in the final model, the
McFadden pseudo R2 acquires a value of 0.2263, thus 22.6% of the variance in WTP is
explained by the independent variables, and the statistical significance of the model is
for χ2 = 127.58 with a p-value of 0.000.
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Table 5.1: Results of the logistic regression
(1) WTP
-0.189
0.037

Woman
Age
Education
Elementary
2.272†
High school
0.439†
Occupation
Economically inactive
-15.846
Student
0.323
Children
0.560
Income
10 001 – 20 000 CZK
0.507
20 001 – 30 000 CZK
0.675
30 000 CZK and more
0.385
Physical medium
Electronic movie
Original sound
1.332***
Czech content
-0.961**
Commerical channels
Downloading
Cinema
2x – 5x
6x and more
Preferred content
News and sports
Entertainment shows
Movies
Device
Time
Online payment
Quality
-0.134
Ratings
0.056
Satisfied
0.298†
Customized content
-0.063
Broadcasting time
0.081
Spatial independence
-0.364**
Advertising
-0.008
Constant
-2.228†
N
433
Chi-square
84.86***
Pseudo R2
0.1505
*** p<0.001, ** p<0.01, * p<0.05, † p<0.1

(2) WTP
-0.142
0.061*

(3) WTP
-0.191
0.071*

(4) WTP
-0.199
0.069*

2.340†
0.459†

2.886*
0.502†

2.944*
0.489†

-15.950
0.330
0.471

-16.111
0.369
0.350

-15.908
0.388
0.375

0.342
0.428
-0.098

0.334
0.387
-0.110

1.405*
1.453***
-0.908*

1.549*
1.333***
-0.856*

0.273
0.377
-0.123
0.229
1.529*
1.306***
-0.846*
-0.005
-0.189

0.161
1.165**

0.201
1.142**

0.450*

-0.457†
0.508**

0.842**

0.827**
0.318*

-0.356**

-0.309*

-3.724**
433
119.87***
0.2127

-4.943***
433
127.58***
0.2263

0.214
1.152**
-0.069
-0.567
-0.457†
0.537**
-0.006
0.805*
-0.051
0.041
0.210
-0.046
0.194
-0.245†
-0.059
-4.936**
433
130.58***
0.2317

Note: results of 4 tested logit models with model (3) being selected as the best-fitted one
Base: university education, economically active, income < 10 000 CZK, 0 or 1 cinema visits
Source: Author based on survey data
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5.1.1 Interpretation of results
As already stated in chapter 4, the magnitudes of the β coefficients are, besides
the directions of the effect, not very useful. The average partial effects and the partial
effects at the average for model (3) were thus computed and the results are presented in
table 5.2. As there are quite many binary variables in the regression, the APEs will be
used for the purpose of interpretation and hypothesis testing. For discrete variables also
the analogue of the APE expressed by equation (4.11) will be calculated and used for
interpretation purposes. These analogous partial effects are presented in table 5.3. As
can be seen, the differences with APE are rather marginal. The calculated analogous
partial effects also for binary variables can be found in Appendix 4. Again, the
differences with APE are negligible. Only the hypothesis regarding the following
variables - variables not excluded from the final model based on LR tests, will be tested.
Table 5.2: APE & PEA
APE
-0.032
0.012*

Woman
Age
Education
Elementary
0.482*
High school
0.084†
Occupation
Economically inactive
-2.693
Student
0.062
Children
0.059
Income
10 001 – 20 000 CZK
0.056
20 001 – 30 000 CZK
0.065
30 000 CZK and more
-0.018
Original sound
0.223***
Czech content
-0.143*
Electronic movie
0.259*
Device
0.085**
Online payment
0.138**
Cinema
2x – 5x
0.034
6x and more
0.191**
Spatial independence
-0.052*
Movies
-0.076†
Satisfied
0.053*
†
*** p<0.001, ** p<0.01, * p<0.05, p<0.1

PEA
-0.043
0.016*
0.652*
0.114†
-3.642
0.084
0.079
0.076
0.087
-0.025
0.301***
-0.193*
0.350*
0.115**
0.187**
0.045
0.258**
-0.070*
-0.103†
0.072*

Note: Average partial effects and Partial effects at the average for model (3)
Source: Author based on survey data
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Table 5.3: Partial effects for discrete variables
Variable
Device
Spatial independence
Satisfied

Change in xj
From ck to ck+1
From 1 to 4
From ck to ck+1
From 1 to 4
From ck to ck+1
From 1 to 4

Partial effect
0.080
0.232
-0.053
-0.166
0.051
0.168

Note: the analogue of the average partial effect expressed by equation (4.11)
Source: Author based on survey data
From the demographic variables only Age and Education showed significance,
while the null hypothesis that coefficients of Women, Occupation, Children and Income
equal to 0 cannot be rejected even at 10% significance level.
The effect of Age is positive, significant at 5% level of significance with the
APE being equal to 0.012. That means that one year older people have a 1.2% higher
probability to subscribe to a video streaming service. The elementary and high school
education show significance at 5% and 10% respectively. Beyond that, both coefficients
showed to be positive which would suggest that less educated people are more willing
to subscribe to a streaming service. With the APE of 0.482 people with only elementary
education have, compared to those with university education, a 48.2% higher
probability to subscribe. Those with high school education are in comparison with
university graduates 8.4% more likely to pay for such services. The high APE of
elementary education could be partly attributed to the lower representation of
elementary education in our sample. Simultaneously, the largest part of the sample is
represented by students.
Hypothesis 1: Previous purchase of an electronic movie has a positive significant effect
on the WTP.
This hypothesis is supported at the 5% significance level. The APE of having
purchased an electronic movie within the last year is 0.259 which means that the
probability of paying for a streaming service is 25.9% higher for those with a previous
purchase of an electronic movie compared to those without.
Hypothesis 3: Previous payments via Internet positively affect consumers’ WTP.
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This hypothesis is supported at 1% level of significance. The effect of previous
online payments on WTP showed to be positive with the APE of 0.138. Therefore it can
be concluded that having paid via Internet in the last three months increases the
probability to subscribe by 13.8%.
Hypothesis 6: Frequent cinema visits positively affect consumers’ WTP.
This hypothesis is only partly supported at the 1% significance level for more
than 6 cinema visits in the last year. In comparison with the respondents who visited the
cinema at most once, those who went to the theatre at least six times are 19.1% more
likely to pay for a video streaming service. On the other hand, 2 to 5 cinema visits did
not show to be significant.
Hypothesis 7: Consumers that use more devices to watch video content have
significantly higher WTP.
The effect of using more devices on WTP is positive and showed to be
significant at the 1% level of significance, with APE of Device being equal to 0.085.
Device is a discrete variable, it is therefore better to use the analogue of APE from table
5.3. When one additional device is used the probability of paying for a streaming
service increases by 8%. Moreover, the difference in probabilities between those who
watch video content from one device only and those who use four different devices is
23.2%. This finding is not very surprising as the concept of VoD is in general connected
with the possibility to watch video content from practically any device with an internet
connection.
Hypothesis 8: Consumers who prefer original sound to dubbing have significantly
higher WTP.
This hypothesis was supported at the 0.1% significance level. The APE of the
variable Original Sound is 0.223, suggesting that those who rather watch video content
with the original sound than with dubbing are 22.3% more likely to pay for a
subscription-based streaming service compared to the ones who prefer dubbing.
Hypothesis 9: Consumers who prefer Czech movie production over foreign production
have significantly lower WTP.
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This hypothesis was supported at the 5% level of significance. The effect of
Czech Content on WTP is negative with APE equal to -0.143. Thus on average, those
who rather watch movies or TV shows from Czech production have 14.3% lower
probability to pay for a streaming service compared to those who prefer foreign movie
production.
Hypothesis 11: Preference for movies over TV shows has a negative effect on the WTP.
This hypothesis was supported at the 10% significance level. The respondents
who prefer watching movies to TV shows showed to be 7.6% less likely to subscribe to
a streaming service compared to the respondents who favour TV shows.
Hypothesis 15: There is a negative significant relationship between a satisfaction with
the content offered by common broadcasting stations and the WTP.
The variable Satisfaction is a Likert four point scale variable with values 1 to 4
representing an absolute agreement and absolute disagreement respectively with the
statement about being satisfied with the content offered by common broadcasting
stations. The effect of Satisfaction on WTP showed to be positive, which means that a
disagreement with the statement positively affects WTP, or in other words, an
agreement negatively influences WTP. The direction of the effect of Satisfaction on
WTP is therefore as expected. On top of that, this hypothesis was supported at the 5%
level of significance with the APE equal to 0.053. Again, the analogous partial effect is
preferred. The difference in the probability of subscribing between those who absolutely
agree and absolutely disagree with the statement amounts to 16.8%.
Hypothesis 18: There is a positive significant relationship between a preference for
having the possibility to watch video content anywhere and the WTP.
The effect of the variable Spatial Independence showed to be negative which is,
based on the logic from the previous hypothesis, again as expected. Low or zero
preference for access to video content anywhere has a negative effect, high preference
must have therefore a positive effect on WTP. The level of significance at which this
hypothesis is supported is 5% and APE showed to be -0.052. For interpretation purposes
the analogous partial effect is used. Respondents with the highest expressed preference
for the spatial mobility have, compared to those with the lowest expressed preference,
on average 16.6% higher probability to pay for streaming services.
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5.2

Price as the dependent variable
In this section the effect of independent variables on the price that consumers

would be willing to pay for streaming services will be examined. As Price is a
continuous variable, simple OLS estimation can be used. To find the possibly best
fitting model, the F-test was used in a procedure similar to the one in section 5.1. The
final model chosen with Price as the dependent variable is expressed by the equation
5.2. All tested models can be found in Appendix 5, the results of the F-tests in
Appendix 6.
𝑃𝑟𝑖𝑐𝑒 = 𝛽0 + 𝛽1 𝑊𝑜𝑚𝑎𝑛 + 𝛽2 𝐴𝑔𝑒 + 𝜷𝟑 𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 + 𝜷𝟒 𝑂𝑐𝑐𝑢𝑝𝑎𝑡𝑖𝑜𝑛 + 𝛽5 𝐶ℎ𝑖𝑙𝑑𝑟𝑒𝑛
+ 𝜷𝟔 𝐼𝑛𝑐𝑜𝑚𝑒 + 𝛽7 𝑂𝑟𝑖𝑔𝑖𝑛𝑎𝑙𝑆𝑜𝑢𝑛𝑑 + 𝛽8 𝐶𝑧𝑒𝑐ℎ𝐶𝑜𝑛𝑡𝑒𝑛𝑡
+ 𝛽9 𝑃ℎ𝑦𝑠𝑖𝑐𝑎𝑙𝑀𝑒𝑑𝑖𝑢𝑚 + 𝛽10 𝐸𝑙𝑒𝑐𝑡𝑟𝑜𝑛𝑖𝑐𝑀𝑜𝑣𝑖𝑒 + 𝜷𝟏𝟏 𝐶𝑖𝑛𝑒𝑚𝑎
+ 𝛽12 𝑀𝑜𝑣𝑖𝑒𝑠 + 𝛽13 𝐷𝑒𝑣𝑖𝑐𝑒 + 𝛽14 𝑆𝑎𝑡𝑖𝑠𝑓𝑖𝑒𝑑 + 𝜀

(5.2)

The base group, besides the zero valued binary variables, again comprises of
university education, the economically active, income below 10 000 CZK and
maximum 1 cinema visit in the past year. There are 433 observations in the final model,
the R2 acquires a value of 0.1983, thus around 19.8% of the variance in Price is being
explained, and the overall statistical significance was supported at the 0.00 p-value
level.
In regressions with price as the dependent variable the logarithmic
transformation of price is often performed. The main obstacle here is the distribution of
Price as it also takes a value of zero. This problem can be treated by transforming the
original data. One of the possible ways is to assign to all zero price observations a
non-zero value such as value 1 which subsequently returns the value 0 after the
logarithm of price is taken. This step could be justifiable as there are no other values of
1 occurring in our sample. In fact, the smallest non-zero price in the sample is 10 CZK.
Still this transformation might cause an error in the prediction. Moreover it might be
more suitable in our case to investigate the change in price in the absolute numbers
rather than in percent. Another possibility would be to use the Tobit model. As
Wooldridge (2013) suggests, the Tobit model can be quite useful when having a
dependent variable with approximately continuous distribution over positive values and
simultaneously a considerable fraction of zero values. In order to obtain the estimates of
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the Tobit model, the maximum likelihood estimation is used as in the case of logit or
probit. The results are often similar to those under OLS (Wooldridge, 2013).
According to Wooldridge (2013) Tobit is heavily dependent on strong
assumptions (especially normality and homoskedasticity) and thus does not necessarily
have to be preferred over OLS. In the table 5.4 the results of all three regressions are
presented. The Tobit model showed to have similar results as simple OLS concerning
the significance of the effects as was expected. The coefficients however show greater
magnitudes in both directions. The regression (1) with logarithm of Price as a
dependent variable is incomparable to the remaining two models due to the data
transformation. To determine which estimation method is the most suitable one is
beyond the scope of this thesis. The results of the regression (2), which is the former
OLS regression expressed by equation 5.2 with Price as the dependent variable, will be
interpreted.
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Table 5.4: Results of regressions on Price
OLS
(1) LogPrice
-0.285
0.010

Woman
Age
Education
Elementary
0.467
High school
0.351†
Occupation
Economically inactive
-1.777†
Student
0.111
Children
0.211
Income
10 001 – 20 000 CZK
0.600*
20 001 – 30 000 CZK
0.409
30 000 CZK and more
0.181
Original sound
0.880***
Czech content
-1.213***
Physical medium
0.320
Electronic movie
0.904*
Cinema
2x – 5x
0.151
6x and more
0.412
Movies
-0.440*
Device
0.309*
Satisfied
0.229†
Constant
1.807*
logSigma
Observations
433
R2/pseudo R2
0.2025
F/Wald statistic
5.52***
*** p<0.001, ** p<0.01, * p<0.05, † p<0.1

OLS
(2) Price
-15.099
0.671

MLE (Tobit)
(3) Price
-20.456
0.751

32.995
36.171*

38.833
42.668*

-84.540
4.517
8.958

-134.750
6.127
15.337

64.167**
68.482**
26.189
31.818†
-68.375***
84.431***
52.191†

72.510**
71.186*
28.707
49.313*
-94.017***
90.396**
64.111*

16.763
35.727†
-24.934†
24.110*
25.611**
-36.444

20.515
40.619†
-33.678*
28.847**
27.732**
-85.114
5.006***
433
0.0209
108.6***

433
0.1983
5.377***

Note: The results of two regressions estimated by OLS with Price and logarithm of
Price as the dependent variable and a Tobit model with Price as the dependent variable
estimated under Maximum likelihood estimation
Source: Author based on survey data
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5.2.1 Interpretation of results
Starting with the demographic variables, only Education and Income proved to
have a significant effect on Price. As in the logit model lower education again shows
ceteris paribus a positive effect on the dependent variable. The effect of high school
education is significant at the 5% level of significance. According to our model high
school graduates are willing to pay for streaming services ceteris paribus 36 CZK more
than people with a university degree. The categorical variable Income showed to be
partly significant at 1% significance level. The price for which the individuals with an
income level of 10 000 – 30 000 CZK would be willing to subscribe is approximately
66 CZK higher compared to those with an income below 10 000 CZK.
The next seven variables showed significance and the same direction of the
effect as in the logit regression. Variables Original Sound, Czech Content and
Electronic Movie were identified as being significant at the significance level of 10%,
0.1% and 10% respectively. Respondents that prefer original sound over dubbing are on
average willing to pay almost 32 CZK more compared to those with a preference for
dubbing. Those who favour Czech movie production are ceteris paribus willing to pay
nearly 70 CZK less than those with a preference for foreign movie production. Having
bought an electronic movie in the past year increases the price that respondents would
be willing to pay by 52 CZK.
Another significant variable showed to be Cinema with its category of more than
6 cinema visits (10% significance level). According to our model, those who visited a
cinema at least six times in the last year are on average willing to pay almost 36 CZK
more compared to those who were in the cinema at most once. At the 10% significance
level was also identified the variable Movies. Respondents who favour movies are
ceteris paribus willing to pay 25 CZK less than spectators preferring TV shows.
The variables Device and Satisfied proved to be significant at the significance
level of 5% and 1% respectively. Based on the results the usage of one additional type
of device for watching video content increases the price by 24 CZK. In other words,
those who watch video content on 4 different devices are willing to pay 72 CZK more
than those who watch video content on one device only. Dissatisfaction with the content
offered by common broadcasting stations again has a positive effect on the dependent
variable. The difference in price that the absolutely dissatisfied and the absolutely
satisfied would be willing to pay amounts to almost 77 CZK.
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In comparison to the logit model, the variable Physical Medium was found to
have significantly improved the model and was thus included in the regression. The
effect of Physical Medium is significant at the 0.1% level of significance. Respondents
with a previous purchase of a physical medium such as DVD or Blu-ray are on average
willing to pay 84 CZK more for streaming services compared to those who have not
purchased any physical medium.

5.3

Optimal price from a monopolist’s perspective
A piece of information that the streaming service providers could be interested in

is the price at which they would make the biggest profit. In the calculation of the
optimal price we will for simplicity assume that the provider of the service is a
monopolist, has zero marginal cost and does not price discriminate. As the provider is a
monopolist we can disregard any potential adverse reactions by other firms on the
market. When maximizing the monopolist’s profit, the monopolist does not have to take
price as given but can freely choose the level of price and output that leads to the profit
maximum (Varian, 2009).
The monopolist’s choice of the level of price or quantity is influenced by the
consumers’ demand for the given service denoted as 𝑦 = 𝐷(𝑝). The typical profit
maximization problem would therefore be
max 𝛱 = 𝑝(𝑦) ∗ 𝑦 − 𝐶(𝑦)
𝜕𝑦

(5.3)

However as the monopolist dominates the market, he can set both price and the
level of production. As exactly the amount of 𝐷(𝑝) units are sold at a price p, the
maximization problem can be redefined as
max 𝛱 = 𝑝 ∗ 𝐷(𝑝) − 𝐶(𝐷(𝑝))
𝜕𝑝

(5.4)

For the purpose of this analysis a demand curve and a profit curve were
constructed in graphs 5.1 and 5.2 respectively. The maximum achievable profit under
our demand is 43 600 CZK which corresponds to the price of 200 CZK. In the sample
there are 218 consumers willing to pay such a price. As the graphs suggest, the demand
function is not smooth which causes local maximums to be present in the profit curve.
The existence of these local maximums is not surprising as respondents tend to round
when stating the maximum price they are willing to pay. Four additional prices can be
identified that all lead to significantly higher local profit maximums above 30 000 CZK:
100, 150, 250 and 299 CZK. This finding might suggest that setting the price in the
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range between 100 and 299 would lead to profit maximization from the providers’
perspective. One of the options how to make more accurate conclusions about the profit
maximization price is to smooth the demand function.
Graph 5.1: Demand for streaming services

Source: Author based on survey data
Graph 5.2: Profit curve

Source: Author based on survey data
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Different approaches and instruments can be applied for the purpose of data
smoothing. In this thesis, the demand for streaming services was estimated by the
following three different regressions by extracting fitted values for a number of people
willing to subscribe at a given price. Adjustments of the data needed to be done due to
zero or negative observations in both logarithmic transformation and profit functions.
𝑄𝑢𝑎𝑛𝑡𝑖𝑡𝑦 = 𝛽0 + 𝛽1 log(𝑃𝑟𝑖𝑐𝑒) + 𝜀

(5.5)

𝑄𝑢𝑎𝑛𝑡𝑖𝑡𝑦 = 𝛽0 + 𝛽1 log(𝑃𝑟𝑖𝑐𝑒) + 𝛽2 log 2 (𝑃𝑟𝑖𝑐𝑒) + 𝜀

(5.6)

𝑄𝑢𝑎𝑛𝑡𝑖𝑡𝑦 = 𝛽0 + 𝛽1 𝑃𝑟𝑖𝑐𝑒 + 𝛽2 Price2 + ε

(5.7)

The demand estimated by the first regression yields a maximum profit of
30 523.48 CZK under a profit maximizing price of 280 CZK. Similar results were
obtained with the demand extracted by using the second regression. The profit
maximizing price 283 CZK led to a maximum profit of 34 939.82 CZK. The price from
the third regression was the lowest, acquired a value of 218 CZK and yielded a
maximum profit of 37 072.65 CZK. According to our estimates, the monopoly price
should be set in the range of 218 to 283 CZK. The graphs 5.3 and 5.4 depict the
smoothed demand curve and profit curve which were obtained based on data from the
regression expressed by equation (5.6). Smoothed demand curves and profit curves
from regressions (5.5) and (5.7) can be found in Appendix 7.
When solving the profit maximization problem no price discrimination from the
monopolist’s side was assumed. In reality the streaming service providers do no price
discriminate either. However having the data on consumers, their behaviour and
preferences of the scope of our dataset, the price discrimination could be expected.
There is thus a space for a potential future research in which the demand for streaming
services could be divided in order to achieve even higher profit. Another extension of
this work could lie in a demand estimation which would better represent the whole
population, as our demand mainly represents students and young individuals. Last but
not least, future research could also release the assumption of a monopoly provider and
focus on an oligopoly instead. Both types of oligopoly with homogeneous or
heterogeneous services, in which case the competition of Netflix, HBO GO and
Amazon would be examined, come into consideration.
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Graph 5.3: Smoothed demand curve from regression (5.6)

Source: Author based on survey data
Graph 5.4: Profit curve from regression (5.6)

Source: Author based on survey data

5.4

Discussion
In this section the results of the regressions and their limitations will be

discussed. According to our data older people and less educated individuals are more
willing to pay for streaming services. Important to note here is that all other factors are
being controlled for including wage. The latter finding could be explained in a way that
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those with a lower level of education devote more time to less intellectual and
demanding activities to which watching video content surely belongs. The direction of
the effects could also be attributable to the high representation of students in the sample.
The positive effect of a previous purchase of both electronic movie and a
physical medium such as DVD or Blu-ray on WTP and Price could suggest the
perceived complementarity of these media and the experience provided by streaming
services. Similar conclusion could be made about the frequent cinema visits. The
complementarity of Netflix and cinema experience was already indicated by Parlow and
Wagner (2018).
The variables related to the preference for dubbing, Czech movie production and
favouritism of movies over TV shows showed a negative and significant effect on both
WTP and Price. These findings could be especially useful for the streaming service
providers and could therefore serve as a base for further investigations as there might
potentially lie an unused market potential.
As already stated, an online survey is a common and popular method of data
collection. However it suffers from some drawbacks that should be mentioned here or
emphasized again, as being aware of them is essential when making conclusions from
the empirical analysis.
The development of the questionnaire was the first step in the process of origin
of this thesis. The variables that enter the models are thus dependent on the design of
the questionnaire set-up. When performing the regressions, some shortcomings in the
formulation of the questions in the questionnaire and thus also in the definition of the
related variables were identified. An example here is the variable Time that could have
been extracted as a continuous rather than a categorical variable. In case of the question
concerning the devices used it would be ideal to elicit the information on how much
time the respondent spends watching video content on each device. In general,
extracting continuous variables instead of the categorical ones would be preferred.
However in that case the respondents could have difficulties answering the questions
truthfully or they could even be reluctant to do so (e.g. in case of wage).
The collected data from a survey might be affected by the self-selection bias, as
the potential respondents could freely decide whether or not they want to submit their
answers. Simultaneously, as the whole survey is carried out in a hypothetical set-up, the
incentive compatibility is limited. As Le Gall-Ely (2009) states, the other potential bias
is the strategic one as the respondents might intentionally overstate or understate their
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true WTP. Also, nothing prevents the respondents from submitting nonsensical
responses, although a thorough data cleaning procedure was undergone in order to
detect and remove those observations from the final sample.
The main consequence of using social media as the main distribution channel for
the questionnaire is the fact that certain groups are represented in the sample more than
others. In order to approach more the random sample, one fourth of the responses was
randomly selected and removed. The data analysis revealed that the main part of the
sample is represented by students (65%) or recent college graduates of an average age
of 25 years, all of them are simultaneously and necessarily internet users. The
conclusions from this analysis might therefore not represent the entire population,
however they apply to a group of people that is targeted by streaming platforms – young
individuals who are fond of new technologies.
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Conclusion
In the context of the rapid change in the home video entertainment industry, this
thesis examined the consumers’ willingness to pay for streaming services offering video
content and the factors that influence it. The main focus lay on the subscription-based
streaming services, mainly those that are conceptually similar to Netflix, HBO GO or
Amazon Prime Video, as it is the fastest growing segment of the market for video on
demand. However as the data from Czech Statistical Office suggest, the usage of the
subscription-based video on demand in 2018 was among the Czech population far
below the European average of 26%. This was the main motivation for this research
together with the lack of studies dealing with the subscription-based streaming services
from this perspective, especially with the focus laid on the Czech market.
For the purpose of data collection a unique questionnaire was developed. Based
on a sample of 433 respondents from the Czech Republic, the willingness to pay was
examined from two perspectives. Firstly, the logistic regression was performed in order
to uncover the factors that significantly affect the respondents’ probability to subscribe
to the streaming services. Secondly, the effect of independent variables on the
maximum price that respondents would be willing to pay for such streaming service was
analyzed.
The first logistic regression showed the following variables to have a significant
effect on the respondents’ probability to have a paying intention. A positive significant
effect is attributable to a preference for original sound over dubbing, an online payment
in the last three months or a purchase of an electronic movie in the past year. Similarly,
the number of devices used for watching video content, more than six cinema visits in
the last year or a desire for a spatial mobility when accessing video content were found
to positively affect the probability to subscribe. On the other hand, the variables
representing the preference for Czech movie production over foreign production, the
satisfaction with the content offered by common broadcasting stations or the preference
for movies over TV shows showed to negatively influence the mentioned probability.
From the demographic factors, only the variables representing age and the highest
achieved level of education were found to be significant. Surprisingly, less educated and
older people were found to have a higher probability to subscribe.
The second regression with price as the dependent variable yielded similar
results concerning the significance and direction of the effects, apart from variables

57
representing the previous online payments and desire for spatial mobility which were
not included in the model. Additionally, the previous purchase of a physical medium
such as DVD or Blu-ray showed to have a significant positive effect on price as well as
the after-tax level of income.
In this thesis, the price for steaming services was also examined from the
providers’ perspective. Based on demand estimation the optimal profit maximization
price for a monopoly provider was calculated. The results suggest that the profit
maximization price lies in the interval from 218 to 283 CZK.
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Appendix 2: Tested logit models
md = WTP ~ Woman + Age + Education + Occupation + Children + Income
m1 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent
m2 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie
m3 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + PhysicalMedium
m4 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + Time
m5 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + Downloading
m6 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + PreferredContent
m7 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + Device
m8 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + Device +
CommercialChannels
m9 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + Device + OnlinePayment
m10 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + Device + OnlinePayment +
Cinema
m11 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + Device + OnlinePayment +
Cinema + SpatialIndependence
m12 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + Device + OnlinePayment +
Cinema + SpatialIndependence + Movies
m13 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + Device + OnlinePayment +
Cinema + SpatialIndependence + Movies + satisfied
m14 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + EletronicMovie + Device + OnlinePayment +
Cinema + SpatialIndependence + Movies + Satisfied + BroadcastingTime
m15 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + Quality + Ratings + Satisfied +
CustomizedContent + BroadcastingTime + SpatialIndependence + Advertising
m16 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + SpatialIndependence + Satisfied
m17 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + SpatialIndependence + Satisfied +
BroadcastingTime
m18 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + SpatialIndependence + Satisfied +
CustomizedContent
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m19 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + SpatialIndependence + Satisfied + Ratings
m20 = WTP ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + SpatialIndependence + Satisfied + Advertising

Appendix 3: LR tests
Table A.1: LR tests
lrtest(md, m1)
lrtest(m2, m1)
lrtest(m2, m3)
lrtest(m2, m4)
lrtest(m2, m5)
lrtest(m2, m6)
lrtest(m7, m2)
lrtest(m8, m7)
lrtest(m7, m9)
lrtest(m10, m9)
lrtest(m10, m11)
lrtest(m11, m12)
lrtest(m13, m12)
lrtest(m13, m14)
lrtest(m1, m15)
lrtest(m1, m16)
lrtest(m17, m16)
lrtest(m16, m18)
lrtest(m19, m16)
lrtest(m20, m16)

LR chi2
44.372
10.135
0.5897
1.0808
0.5266
3.3822
11.41
1.6374
13.264
10.603
6.9079
3.7162
3.9963
1.3986
17.309
16.003
0.1811
0.2452
0.0802
0.0675

Source: Author based on survey data

Prob (>chi2)
0.0000
0.001454
0.4425
0.2985
0.4681
0.1843
0.0007306
0.2007
0.0002705
0.004984
0.008582
0.05389
0.0456
0.237
0.01551
0.000335
0.6704
0.6205
0.7771
0.795
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Appendix 4: Partial effects for binary variables from logit model (3)
Table A.2: Partial effects for binary variables from logit model (3)
Variable
Woman
Education
Elementary
High school
Occupation
Economically inactive
Student
Children
Income
10 001 – 20 000 CZK
20 001 – 30 000 CZK
30 000 CZK and more
Original sound
Czech content
Electronic movie
Online payment
Cinema
2x – 5x
6x and more
Movies

Change in xj from 0 to 1
-0.032
0.300
0.084
-0.651
0.062
0.057
0.054
0.063
-0.019
0.251
-0.155
0.211
0.150
0.034
0.182
-0.079

Source: Author based on survey data

Appendix 5: OLS tested models
od = Price ~ Woman + Age + Education + Occupation + Children + Income
o1 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent
o2 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie
o3 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie +
OnlinePayment
o4 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie +
Quality + Ratings + BroadcastingTime
o5 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie +
Advertising
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o6 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie +
CommercialChannels + Downloading
o7 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie + Time +
PreferredContent
o8 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie + Cinema
o9 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie + Cinema +
Movies
o10 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie +
Cinema + Movies + Device
o11 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie
+ Cinema + Movies + Device + Satisfied
o11 = Price ~ Woman + Age + Education + Occupation + Children + Income +
OriginalSound + CzechContent + PhysicalMedium + ElectronicMovie +
Cinema + Movies + Device + Satisfied + SpatialIndependence +
CustomizedContent

Appendix 6: F-tests
Table A.3: F-tests
anova(o1, od)
anova(o1, o2)
anova(o3, o2)
anova(o4, o2)
anova(o5, o2)
anova(o6, o2)
anova(o7, o2)
anova(o2, o8)
anova(o9, o8)
anova(o9, o10)
anova(o11, o10)
anova(o11, o12)

F
11.359
10.83
2.2506
0.7616
1.7089
0.2736
1.3308
2.4551
3.8657
4.8841
8.7056
1.5336

Source: Author based on survey data

Prob(>F)
0.0000
0.0000
0.1343
0.5161
0.1919
0.7608
0.2638
0.0871
0.04995
0.02765
0.003353
0.217
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Appendix 7: Smoothed demand and profit curves
Graph A.1: Smoothed demand curve from regression (5.5)

Source: Author based on survey data
Graph A.2: Profit curve from regression (5.5)

Source: Author based on survey data
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Graph A.3: Smoothed demand curve from regression (5.7)

Source: Author based on survey data
Graph A.4: Profit curve from regression (5.7)

Source: Author based on survey data

